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ANMTENBHOCTb MHTEPECA XXUTENEW
CLWA K TEPPOPUCTUHECKNM AKTAM:
3ABUNCUT JT OHA OT NOJTUTUHECKKX
B3rnqag0B?

MoAJINIICKAA Onbra lreHHagbeBHa —
KaHAuAaT GU3NKO-MaTeMaTUYEeCKMX HayK,
nernonHnTesb rnpoekta N°20-11-20059,
WHCTUTYT NnpuKnagHon MmateMaTtukm Um.
M.B. Kengbiwa PAH, MockBa, Poccusi
E-MAIL: podlipskaya.og@phystech.edu
https.//orcid.org/0000-0002-0029-2475

AHHoTauuAa. B paboTte uccneapyertcs
AVMHaMWKa 06LEeCTBEHHOrO BHUMaHUS
K TEPPOPUCTUYECKNUM aKTam, NPOn30-
weawunm B CLLUA B 2012—2020 1T, B 3a-
BMCUMMOCTU OT NONIUTUYECKMNX MPeanoyTe-
HWUM HaceneHus wrata. M3 7 BRIIIOYEHHbIX
B PaCCMOTPEHUE TEPPOPUCTUYECKMX aTaK
5 6blnM coBepleHbl paguKanbHbIMK
ncnammctaMu, ogHa — npaBbIM IKCTpe-
MUCTOM, OAHa He MMena NoNTUYECKON
HanpaBneHHOCTH. B KayecTBe He3aBUCH-
MOW NepemMeHHON NCMONb3YEeTCs NPOLLEHT
roN0COB, NOSYYEHHbIV peCnyBIMKaHCKUM
KaHAuMAaTOM B JaHHOM LUTaTe Ha Bbl6O-
pax, 6nuKanwux K gate cobbiTua (pac-
cMaTtpuBatoTca Bbi6opbl 2020, 2016
n 2012 rr.). U3y4aeTtcs AMHaMUKa KOU-
yecTBa OHJ/IAMH-3aNpPOCOB, CAENAaHHbIX
Ha TeMY KOHKPETHOro TepaKTa Nosb30Ba-
TeNAMW U3 JaHHOrO LWTaTa B MOMCKOBOW
cucteme Google. [laHHbIE NonyyeHsbl € no-
MoLbto cepsuca Google Trends. B Kave-
CTBE Mepbl cnaja nHTepeca K CobbITUIO
MCNONb3YeTCs OTHOLIEeHWe Y1cna 3anpo-
COB B NnepBble ABa AHS NOocfe CobbITUS,
K 4MCNy 3anpoCcoB B HETBEPTbIN U NATLIN
OHW. icxogHas runoTesa nccnegoBaHums
COCTOMT B TOM, Y4TO TEPAKT, COBEPLUEHHbI
npaBblM 3KCTPEMWUCTOM, ByAeT foNblle
yAEpKnBaTb 06LEeCTBEHHOE BHUMaHKUE
B IEMOKpPATUYECKHMX LiTaTax, a TepaKT pa-
[AVKanbHbIX UCNAaMUCTOB — B pecny6iin-

DOI: 10.14515/monitoring.2022.1.2019

DURATION OF THE PUBLIC ATTENTION
TO TERRORIST ATTACKS IN THE UNITED
STATES: DOES IT DEPEND ON POLITICAL
OPINION?

Olga G. PODLIPSKAIA*—Cand. Sc. (Ph.-M.),
Researcher in the Project No. 20-11-
20059

E-MAIL: podlipskaya.og@phystech.edu
https://orcid.org/0000-0002-0029-2475

1 Keldysh Institute for Applied Mathematics
(Russian Academy of Science), Moscow, Russia

Abstract. The paper examines the dy-
namics of public attention to the terrorist
acts that took place in the United States
in 2012-2020, depending on the po-
litical preferences of the population of
the state. Of the 7 terrorist attacks in-
cluded in the review, 5 were committed
by radical Islamists, one by a right-wing
extremist, and one had no political orien-
tation. The independent variable is the
percentage of votes received by a Re-
publican candidate in a given state in the
elections closest to the date of the event
(2020, 2016, and 2012 elections are
considered). The author studies the dy-
namics of the number of online requests
made on the topic of a particular terrorist
attack by users from a given state in the
Google search engine. The data was col-
lected using the Google Trends service.
The ratio of the number of requests on
the first two days after the event to the
number of requests on the fourth and
fifth days is used as a measure of the
decline in interestin the event. The initial
hypothesis of the study is that a terrorist
attack by a right-wing extremist will hold
public attention longer in Democratic
states, and a terrorist attack by radical Is-
lamists in Republican states. The results
confirmed the first part of the hypothesis,
but were ambiguous with respect to the
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O.T. Noanunckas
0.G. Podlipskaia

KaHCKMX. Pe3ynbTaTbl NOATBEPANAN Mep-
BYIO YacCTb rMNoTe3bl, 0AHAKO OKa3anuch
HEeO4HO3HaYHbIMW B OTHOLIEHWN BTOPOK
YyacTu. BHMMaHWe K UCNaMUCTCKUM Tep-
aKTaM ygepXuBanocb gonblue B 4eMo-
KpaTU4YecKux wwratax (B MeHbLUEN Mepe,
4yeM 4S9 TepaKkTa NpaBoro 3KCTPEMMUCTA),
OAHaKO ANs YeTbIpeX U3 PaCCMOTPEHHbIX
B paboTe TepaKToB Koppensauus BHUMa-
HWEe C NONUTUYECKON NO3ULMEN WTaTa
OKa3zanacb CTaTUCTUHECKU HE3HAYUMOW.
TepakKT, He UMEIOLNIK NONIMTUYECKON Ha-
npaB/EeHHOCTHU, 3HA4YMMO AOSblUE yaep-
MBan 0bLecTBEHHOE BHUMaHWeE B pec-
Ny6/MKaHCKKX LWTaTax. TaknmMm obpasom,
no cnagy o6LeCcTBEHHOr0 BHUMaHUS
TepaKTbl AnddepeHLMpyIOTCS B NEPBYIO
oyepeab He Mo IMHWUK «UCNaMUCTCKNE —
pacuCcTCKME», a MO JIMHUN «MOSUTUYECKH
MOTMBUPOBAHHbIE — HE MOJINTUYECKMU
MOTMBHUPOBaHHbIE». BO3MOXHOE 06bsiC-
HEeHWe NONTYYEHHbIX PE3YSITAaTOB COCTOUT
B TOM, YTO AeMOKpaTbl 60/1€€ CKIOHHbI
K 06CYKAEHMIO NOSIMTUYECKNX BOMPOCOB
B LLenom.

KnioueBble cnoBa: pa3oBoe CobbiTHE,
cnag uHTepeca, Teppopuam, wratbl CLUA,
NMOMCKOBbIE 3anpockl, Koppenaums

BbnarogapHocTb. MiccnefoBaHune BbINon-
HEHO 3a cyeT rpaHTa POCCHIMCKOro Hayu-
Horo ¢oHaa (npoekt N2 20-11-20059
«MaTemaTnyeckue Mogenu, Teopus urp
M IMMUPUYECKMIN aHann3 B UccneaoBa-
HUW MHOPMALIMOHHbBIX MPOTUBOGOPCTB
B couMyme») B MHCTUTYTE NpUKIagHon
MatemaTuku um. M. B. Kengbliwa PAH.

BBeaeHue

DOI: 10.14515/monitoring.2022.1.2019

second part. Attention to Islamist attacks
lingered longer in democratic states (to a
lesser extent than for a terrorist attack by
a right-wing extremist), but for four of the
terrorist attacks considered in the work,
the correlation of attention with the po-
litical position of the state turned out to
be statistically insignificant. The attack,
which had no political orientation, held
public attention in the Republican states
much longer. Thus, according to the de-
cline in public attention, terrorist attacks
are differentiated primarily not along the
line «Islamist—racist», but along the line
«politically motivated — not politically mo-
tivated». A possible explanation is that
Democrats are generally more inclined
to discuss political issues.

Keywords: interest in a one-time event,
declining interest, states of the USA,
search requests, correlation
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B coBpemeHHOM MUpe exeaHeBHO GOpPMUPYIOTCA MacliTabHble NMOTOKU pasnuny-
HOM MHbOPMaLIMKU: KaxKabli eHb NPOUCXOANT MHOXECTBO COObITUIA, GOPMUPYIOLLUX
HOBOCTHbIE NMOBO/Abl. B HOBOCTAX 06bIYHO OCBELLAIOTCS CaMble 3HAKOBbIE CIOXKETbl —
KaTacTpodbl (KaK TEXHOreHHble, TaKMe KaK KPyLeHUs caMOneToB, TaK U NPUPOAHbIE,
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TaKue KaK M3BEPXKEHUS BYIKAHOB), pa3MyHble NOAUTUYECKNE COObITUS (BbIGOPSI,
nepeBoOpOThl) M T. 4. B KOHTEKCTE MCCNeaoBaHU MHTepeca HaceNeHns K NPoLLeALLUM
Cco6bITUSIM BO3HUKAET BOMPOC: KaK A0JIr0 AePXUTCA 06L,eCTBEHHOE BHUMaHME K pas-
JIN4HBbIM HOBOCTHbIM NOBOaM? BO3MOXHO, ero AMHaMmnKa 3aBUCKUT OT IMYHbIX NPeano-
YTEHWUI MHANBUAOB, MX COLMANbLHOMO CTaTyca, NONOXEHUS B 06LLECTBE, NOUTUYECKUX
B3rNS/10B, NPeablayLero X1M3HeHHoro onbita? OTBETbLI HA 3TW BOMNPOChHI MOIYT fieyb
B OCHOBY M0AX040B K GOPMUPOBaAHMIO MHOOPMALMOHHOM MOBECTKU TENEBU3NOHHbIX
KaHanoB W ApYyrux Macc-Meana, OpUMEHTUPOBaAHHbIX Ha KOHKPETHbIe rpynnbl oaewn.
To, KaK 6bICTPO yracaeT UHTEPEC K KaKOMY-TO COObITUIO, MO3BOJIUT PELLUTb, CTOUT iU
TPaTUTb PECYPCbI Ha €ro A0MOHUTENIbHOE OCBELLIEHME.

B naHHoOM paboTe B KayecTBe UcceayeMbIX HOBOCTHbIX MOBOAOB BbiGpaHbl TEPPO-
pPUCTUYECKHNE aKTbl, coBeplleHHble B CLLUA B 2013—2020 rr. ABTOp paccmartpuBaeT
UHTEpPEC KuTenen pasnuyHbix wratos CLUA K 3TUM COBLITUSM B 3aBUCMMOCTHU OT TOTO,
HaCKO/bKO pecny6/IMKaHCKON MK AEMOKpPaTUYECKOM SBASETCSA Tepputopus. MicxoaHas
rMnotesa paboTbl COCTOUT B TOM, YTO TEPAKT, COBEPLLEHHbIN MPaBbiM 3KCTPEMUCTOM,
[0NbllEe yaepXUBaeT 061LeCTBEHHOE BHUMAHWE B IEMOKPATUYECKUX LUTaTax, a TEpaKThbl
paguKasbHbIX UICNIAMUCTOB — B pecnyb/IMKaHCKMX. JIorMKa AaHHOro NpeanonoXeHus
3aK/1lo4aeTcs B TOM, 4YTO NMpucyTcTBME B MHOOPMALMOHHOM NMOBECTKE TEPPOPUCTUYE-
CKOW aTaKu, COBEPLUEHHOW NMpPaBblM 3KCTPEMMUCTOM, ABASETCH BGNaronpUaTHbIM Aas
[IEMOKpPAaToB.

CraTbq MMEET creayloLLyto CTPYKTypy. B nepBom pa3aene npuBeaeH o630p nuTe-
paTypbl MO UCceayemMon TeMe, 3aTeM — ONMCaHME aBTOPCKOIrO METOA0/IOMMYECKOIo
noJxoAa v OCHOBHbIX pe3ynbTaTtoB paboThl. [locneaHne pa3aensl NOCBsLWEHb! BbiIBOAAM
NCCNeAoBaHUSA U X OBCYKAEHMUIO.

0630p nNUuTEpaTypbl

AKTYanbHOCTb M3y4eHUst MHPOPMaLMOHHbLIX NPOLLECCOB, TEOPUN MOBECTKU, ANHAMMU-
KM MHTepeca HaceneHus K pasfiMyHbiM COBbITUSM NOATBEPKAAETCA BOMbLUMM HUCIOM
ony6/IMKOBaHHbIX M0 3TOW TEMe Hay4HbIX paboT.

OpaHa 13 06Wmx Npobaem, BOSHUKAIOLWMX NPU U3Yy4EeHMK NponaraHabl U Hbopma-
LLMOHHbIX BOMH — 3TO BOMPOC O TOM, KaKOBa 6yAeT peaKLmsa 06WeCTBEHHOr0 MHEHMS
Ha Ty UK MHYIO MHOPMaLMIO. ITO OTHOCUTCS HEe TOMbKO K OLleHKe MHGOPMaLMOHHOIO
daKTa ayautopmen, HO U K AMHaAMUKe ero NpUCYTCTBUS B 06LLECTBEHHON AUCKYCCUMN.
CooTBETCTBEHHO, BO3HUKAET psj NpUKNagHbIX BONPOCOB, TPEOYIOLWMX NPOBEAEHUA
3IMMUPUYECKMX UCCNeSOoBaHMI, B TOM YUCNE C UCMONb30BaHNMEM METOAOB MaTeMaTu-
4YeCKOoro MmogennpoBaHus. K HUM OTHOCATCS, B YaCTHOCTH, 3y4eHMe METOA0B pacnpo-
CTpaHeHue nHdpopmaLunm B OHNanH-nNpocTpaHcTee [Petrov, Lebedev, 2018] n BnnsHue
3TUX NMPOLLECCOB Ha NPOTECTHY akTUBHOCTL [Akhremenko, Petrov, 2020]. B pa6ote
[Petrov, Lebedev, 2018] paccmatpuBaeTtcs dpnewmob «632305222316434» n gaetcs
06bsACHEHUE, NoYeMy KpuBasi 3aBUCUMOCTHM YMCIa NOCTOB B TBUTTEPE OT BPEMEHU He-
CMMMETPUYHA: A0 MMKa OHa BO3pacTaeT Kpyye, Yem yObIBaeT MOCNE HEro; 3TO CBA3aHO
C OTK/1adblBaHMEM HanucaHus nocta nosb3oBarensmu. B pabote [Akhremenko, Petrov,
2020] nccneayetcs cBA3b NPOTECTHON aKTUBHOCTU U PENPECCUI, KOTOPbIE OHa MNPOBO-
uMpyeT. ABTOPbI MOKa3bIBaIOT, YTO YKECTOYEHNE PENPECCUBHbBIX MepP NPUBOAUT K 6onee
BbIpa)XEHHOMY pa3feneHUIo MeXay YCnelwHbiM U HeyaaBLWUMCS NpoTecToM. TaKKe
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nogYyepKnBaeT BaXKHOCTb MHTEHCUBHOCTM PENPECCUBHOM peaKuuu NpaBUTEeNbCTBa
Ha NpoTecTbl: Yem 6osiee HENPOMNOPLMOHalbHa 3Ta peaKkLns, TeM MeHee CTabulbHON
CTaHOBMUTCS cUTyauus. [locneaHee o3HavyaeT, YTo npoTecT 6yaeT NMbo nogasneH, MM60o
CTaHeT Ype3Bbl4alMHO MACCOBbLIM, HO BPSi4 M OCTaHEeTCa yMepeHHbIM. O6LWMI BbIBOJ
paboTbl COCTOMT B Cleaytolem: nogaBeHre NpoTecTa CHUXaET NpeacKkadyeMoCTb ero
JanbHenWwero pasBuTus.

Ponun nHdopmaummn B COBpEMEHHOM MUPE, U, KaK CNeACTBKE, POAn Meanacpeibl
B rno6anunsaumun nocesuleHbl ctaTtbM [Pronchev, Proncheva, Goncharova, 2019;
Vasenina, Lipatova, Pronchev, 2019]. B pa6ote [Pronchev, Proncheva, Goncharova,
2019] roBopUTCS 0 TOM, YTO B HAcCTosILLIEE BPEMS BaXKHENLLMM ApanBepOM yrpaB/ieHUs
Meavacpenon ABASTCS NPOLLECChI MoBanmu3aumn, a B Ka4ecTBe KIo4YeBON Mepbl MPo-
TMBOAENCTBUSA MHOOPMaLMOHHBIM Yrpo3aM aBTopbl NpeanaratoT NoBbIEHNE YPOBHS
06pa30BaHMa Nofb30BaTeNen Kak B €CTECTBEHHOHAYYHOW, TaK U B TyMaHUTapHOWM
cdepax. B paborte [Vasenina, Lipatova, Pronchev, 2019] aHanmM3aupyotTcs 0CO6EHHOCTH
06LWeCTBEHHO-NOMIMTUHECKON aKTMBHOCTU POCCUMCKON MONOLEXN. Pa3Bntre nHtep-
HET-TEeXHOIOMMI CNOCOBCTBYET NOSBAEHUIO HOBbIX COLIMaNbHbIX BUPTYanbHbIX Cpes,
BMSIOWNX Ha 0BLLECTBEHHO-MOUTUYECKYIO aKTUBHOCTb NpeAcTaBUTENEeNn MONOAbIX
NoOKONeHWn. B KavecTeBe aMNMPUUYECKOWM OCHOBbLI UCCNeJOBaHUA B 3TOM paboTe UCMOJib-
30BaH aBTOPCKMM COLMONOrnyecKkui onpoc. Mo peaynsratam UccneaoBaHUs KOHCTaTyH-
pyeTcs B LeSIOM NOMOXKUTENbHOE OTHOWEHME K COLMANbHO-MOMNTUYECKOMY CEFMEHTY
poccuicKoro obuiectsa. MotMBaLna MOSIOABIX NOAEN K y4acTUio B 06LWECTBEHHON
U3HU GOPMUpPYETCH Ha OCHOBE MHTEPECA K MOJIUTUKE U X YBEPEHHOCTU B BO3MOXK-
HOCTHM BAUSATbL Ha NOAUTUYECKME COBbITUSA. MPK OLLEHKE aKTUBHOCTU MOJIOAEKM MOXKHO
OTMETUTb SPKO BbIPaXKEHHYIO MACCUBHYIO MO3ULMIO, CBA3AHHYIO C OOLWMM HELOBEPHUEM
K NOSIMTUYECKOMY NpoLeccy.

Teopus NoBECTKM BbiNla BNepBble npeanoxeHa B padotax [McCombs, Shaw, 1972;
McCombs, Stroud, 2014]. No3xe oHa nonyyunna pa3Butne U 6olna B TOM YUCTE NpU-
NIOXEHa K Bonpocam BAMUSHWUA NOBECTKU Ha ncxod MHGOPMaLMOHHOro NPOTMBOBGONCTBA
B cnydae, korga CMU mornu Bo3aencTBoBaTb Ha MHEHWE MHAWBUAOB, U3MEHSA A0SO
Ka*Kaoro n3 akTyanbHbiX BONPOCOB B CTPYKTYPE CBOMX MHDOPMALMOHHbLIX MOTOKOB
[Proncheva, 2020; Petrov, Proncheva, 2020b]. B ¢Bs131 ¢ 3TUM UccnefoBaHne CTPYK-
TYPbl MOBECTKM CTAHOBUTCS BaXKHbIM C NMPUKIAAHOM TOYKM 3PEHUA U paccMmaTpuBa-
eTcs B psage ctaten (Hanpumep, [Petrov, Proncheva, 2020a; Neuman et al., 2014]).
B HeKoTopbIx paboTtax (Hanpumep, [Henry, Gordon, 2001]) npoBOAUTCH OLEHKa BANSHUS
NMOBECTKMU Ha MHTEPEC HaceneHnsa K paccMaTpnBaeMbliM BOMPOCaM.

[pyroe HanpaBneHne akageMnyecKom paboTbl — 3TO aHaNN3 0OLLECTBEHHOMO BHU-
MaHWS K COBbITUSM KOHKPETHbIX U cneunduryecknx TMnoB. Hanpumep, AOCTaToO4HO
nonynsipHON TEMOW A/19 UCCNeLOBaHUN (C Pa3HbIX TOYEK 3PEHUS) ABNSETCA TEPPOPU3M
n npectynHocTb B CLUA. Tak, KHura [King, Jacobson, 2017] nocssweHa aHannay xapakx-
Tepa y6UNCTB B 3aBMCHMOCTHM OT TOTO, KAKOM rpynnbl HACENEeHNS OHO KOCHYNOCH: AETH,
KEHLWMHbI, NOXWNble U T. 4. B 4yacTHOCTK, NOKa3aHo, 4To yOuicTBa AeTeN Bbi3biBaloT
60NbLINIK aXnoTax B obLLecTBe.

Teppopn3M HepeKo UccneayeTcs C TOYKU 3peHus ero oceelleHns B CMW. Hanpumep,
B paboTe [Pelled et al., 2021] npoBOAUTCS CPAaBHUTENbHbIM aHaInM3 BHUMaHUSA HOBOCT-
HbIX areHTCTB K pa3InyHbIM TEPPOPUCTUHECKUM aKTaM (pasnnyaloLMMcs no Xxapakre-
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pPUCTUKaM }KepPTB, TEPPOPUCTOB U KOHTEKCTA). ABTOPbI NOKa3biBatoT, 4TO OCBELLEHME
B HOBOCTSIX OKa3blBaeTCcs TeM MaclwTabHee, 4eM 60Nblle HEYEPHOKOMKMUX KepPTB (3TO
NOATBEPXKAAETCA TaKKe, Hanpumep, pabotamu [Neely, 2015; Gruenewald, Pizarro,
Chermak, 2009]), npu aTOM CMepPTb AETEN aKTUBHEE OcBeLlaeTcs B ymepeHHbIx CMMH,
a B KoHcepBaTuBHbIX CMW He fenaeTcs akLeHT Ha Hannyue npasa Ha opykue B CLLUA.
B pa6ote [Kearns, Betus, Lemieux, 2019] ctaBuTCS BONPOC, MOYEMY «MyCYIbMaHCKUI
Teppopm3m» nosydaet 6onbliee oceseweHne B CMU. YTBeprkaaeTcs, YTo pennrus npe-
CTYMHUKa AABNSETCA CaMblM BaxHbiM GaKTOpPOM, NpeAcKasbiBaloWmMM cogepxaHme
HOBOCTHOM NOBECTKM, B TO BPEMS KaK TUN LeNIv NPECTYNHMKa, €ro apect U CMePTHOCTb
BO BpeMS MHLMAEHTa TaKKe BAMAIOT Ha ocBelleHne. ABTOPbI M3yYaloT OCcBelLeHne
HoBocTen LexisNexis Academic n CNN.com 060 Bcex Teppopuctuyeckmx aktax B CLUA
B nepunog c 2006 no 2015 rT. M NOKa3bIBatOT, HTO aTaku MyCy/IbMaHCKUX NPECTYNHUKOB
C y4eToM Tuna uenu, cMepTenbHbIX UCXOA0B M apecTa nonyyanu B cpegHeM Ha 357 %
60/blle MaclwTabHoe ocBelleHKe, YeM Apyrve HanageHus. PasnmMying B ocBeLeHnu
COOBbITUI B pa3pese pennrnmn NpectynHmuKa MoOXeT 06bsACHWUTb, NoYeMy NpeacTaBUTeNN
06LLECTBEHHOCTU CKNOHHbI 6OSATLCA «MYCY/IbMaHCKOIO TeppopucTa», MTHOPUPYS Npu
3TOM Apyrue yrpo3bl; 6onee penpeseHTaTMBHOE OCBeLLEHWE MO0 6bl MOMOYb NPU-
BECTM 06LEeCTBEHHOE BOCNPUATUE B COOTBETCTBME C peanbHOCTbIO.

Mpobneme ncnaMmcKoro Teppopuama rnoceslleHa Takxe pabota [Powell, 2011].
B Hel o6cyrkaaeTcs, 4TO TepPOPUCTbI-MyCybMaHe NpeacTaBieHbl B MOBECTKE UHa-
ye, 4YEM BCe MpoYmne, YTO yCUIMBAET CTpax HaceneHns nepesg «a4pyrumu» ¢ Kaxabim
TEPPOPUCTUYECKNM aKTOM. B paboTte [Parham-Payne, 2014] roBopuUTCSH O TOM, 4YTO
TEPPOPUCTUYECKME aKTbl C yHaCTUEM ITHUYECKMX U PACOBbLIX MEHBLUMHCTB 3a4acTyto
npenogHocstcs B CMW cKBO3b NPM3MYy HEAOCTaTKOB, MPUCYLLUX ONpeaeIEHHON pace.

HakoHel, B nutepaTtype MOXKHO HanTh paboTbl, NOCBALLEHHbIE 06LWEeCTBEHHOMY
BHUMaHUIO K aTon npobneme. Hanpumep, B ctatbe [McClure, 2014] nokasaHo, 4TO
SII0AN CKIIOHHbI NPOABAATL 6ONbLUE UHTEPECa K MPOTECTaM, B KOTOPbIX Oblin Yenose-
YeCKue }epTBbl. B KayecTBe aMNUPUYECKUX AaHHbIX BblM B3STbl AaHHble N3 Google
Trends?, KaK 1 B HacTosILLEM UccneaoBaHMK. B T0 ke BpeMs IMHaMWKa 06L,eCTBEHHOIO
BHMMaHWUS K npolueawemMy cobbiTUIO U, B YaCTHOCTK, XapaKTep ero cnaga no Mepe
yAaneHus OT HOBOCTHOMO NOBOAA B aKafieMUYeCKnxX paboTax 40 HACTOSALWErO MOMEHTA
NpaKTUYECKK He UCCneaoBanuch.

OnucaHue MeTo0/1I0rM4eCcKoro noagxoaa

B pa6orte [Mikhailov et al., 2018] 6b11a nocTpoeHa Moaenb, No3BoNsolasa genaTb
CpaBHUTENbHbIN aHann3 peakuuun HaceNeHus Ha NpoLejLlee pa3oBoe NOAUTUYECKOE
cob6biTve. OaHaKo ee aBTOPbLI cAenany NPeAnosioxKeHWe 0 xapakTepe cnaja nHTepeca,
KOTOpoe NPUMEHUMO He BO BCeX CUTyaumsax. B HacTosAwen paboTe B KayecTBe Mepbl
CpaBHeHMS peaKkuuu obLlecTBa Ha HEKOTOpPOe CobbITUe GepeTcs OTHOWEHWE Yucna
3anpocoB, caeNnaHHoe B MOMCKOBOM cucTeme Google B nepBble ABa AHSA Nocsie cobbITUs
u B 4—5 gHu nocne cobblTha. [laHHble cobupanuchk ¢ oMol bio 6UGIUOTEKM pytrends
Python 2, koTopasi No3BoONSIET aBTOMAaTUYECKM M3BJIEKATb AaHHble U3 cepBuca Google

1 Cepsuc Google Trends. URL: https://trends.google.ru/trends/?geo=RU (gaTta o6pauieHus: 25.07.2021).
2 bubnuoteka Python Pytrends. URL: https://github.com/GeneralMills/pytrends (aaTa o6pauienus: 25.07.2021).
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Trends. MNony4eHHble BpeMEHHbIE Psfbl 6bIIM 6€3 KaKUX-NTM60 MoandUKaLMM UCMNOSb-
30BaHbl 415 AasbHENLLero aHannaa.

ABTOp paccmaTtpuBaeT KpyrnHenLune TepakTbl, coBeplueHHble B CLUA nocne 2011 .,
B COOTBETCTBMM CO CMIMCKOM, NPEACTaBNIEHHbIM Ha CTpaHuue B Bukuneann . U3 atoro
nepeyHs 6bin UCKOYEHbI aTaKKU B BMAE PACCbIIKM MUCEM CO CMOpPaMu CUBMPCKOM
S13Bbl U C PULIMHOM, MOCKOJbKY YKa3aHHbI€ COObITUSA HE ABNSIOTCA PA30BbLIMU, @ TaKKe
cTpenbba B cuHarore MNutrcbypra, He Bbi3BaBLasa 06LWEeCTBEHHOr0 BHUMaHUS, AOCTa-
TOYHOrO (B TEPMUHAX KONMYeCTBa 3anpocoB) ANa uccneaoBaHus. B utore paccmatpu-
Ba/MCb crneayoume TepakTol, nponsoweaime s CLUA ¢ 2013 no 2020 rr.:

1) B3pbIB Ha bocToHcKOM MapadoHe (15 anpensa 2013 r.) (nanee o603HavaeTcs
KaK Boston);

2) MaccoBoe youncTBo B ropoae Anb-Maco (3 aBrycta 2019 roga) (nanee — El Paso);

3) MaccoBoe younincteo B OpnaHgo (12 uioHsa 2016 r.) (nanee — Orlando);

4) maccoBoe youncteo B CaH-bepHapaunHo (2 nekabpsa 2015 r.) (nanee — San
Bernardino)

5) TepakT B Hblo-Mopke (31 okta6ps 2013 1.) (nanee — New York)

6) cTpenbba B HapsctoHe (17 utoHsa 2015 r) (aanee — Charleston)

7) TeppopucTriecknin akT B Hawsunne (25 oktabpsa 2020 r) (aanee — Nashville).

3TU TepaKTbl KNacCcMOULMPYIOTCSA NO CBOEMY XapaKTepy cneayroLwmm 06pasom:

— McnaMucTcKue TepaKTbl: Boston, Orlando, San Bernardino, New York, Charleston;

— TepakKT, CoBepLIeHHbIM Ha pacoBon no4se: El Paso;

— TepakKT, CoOBepLEeHHbIM He Ha nonutuyeckon no4vse: Nashville.

MNocnenHuin akT Obln COBEPLUEH AYLWEBHOOONbHLIM YEOBEKOM, MO COOBLLIEHNAM
CMWU*4, NpoBOAUBILMM BpeMsl, «OXOTSICb 3@ MHOMMAHETHLIMU GOPMaMU KU3HU B BNU3-
NieXalleM rocyaapcTBEHHOM NapKe», U BblparkaBLLMM BEPY B P aHTUHAYHYHbIX TEOPUH,
TaKuX KaK Teopus 3arosopa pentunui [Radford, 2021].

B OTHOLWEHNN KaXKAoro U3 TepaKToB paccmaTpuBanacb 3aBMCUMOCTb OTHOLIEHMS
4yucna 3anpocoB, caenaHHbIX B NOMCKOBOW cucTeme Google B NepBble ABa AHA nocne
COGbLITUSA U B YETBEPTLIN-NATLIN AHW NOCNe cOObITUS, K flone n3bupaTenen, roiocoBas-
LLIMX 3a pecnybnKaHLueB Ha BNUMKanLLKMX K HeMy Bbl6opax. [laHHble 0 YMce 3anpocoB
cobupanucb ¢ nomMolbto cepeuca Google Trends, KOTOpbIM NpefocTaBngeT He abco-
NIIOTHbIE, @ HOPMUPOBaHHbIE AaHHble: 3HavyeHne 100 npucBanBaeTCs AHI0, B KOTOPbLIV
Ob1J10 COBEPLIEHO HaNBObLLEE HYMCN0 3anpocoB, 3HaveHne 50 — AHI0, B KOTOPLIM 6bI10
COBEpLUEHO B ABa pa3a MeHblUe 3anpocoB, YEM B TOT A€Hb, U T.A4. JaHHble 0 Bbl6O-
pax Gbinu B3SATbl C 0dULMANbHbBIX CAaTOB aMEPUKAHCKMUX HOBOCTHbIX areHTcTB . Mpu
JanbHenlwem uccnefoBaHMmK YMCaa 3anpoCoB B KaXKAOM LUTaTe y4UTbIBanCcs NPoLeHT
pecnybaMKaHUEB B HEM.

3 Cnucok TepakToB B CLUA. URL: https://ru.wikipedia.org/wiki/Kateropusa:TeppopucTUiyecKne_aKThbl,_COBEpLIEHHbIE_B_
CLUA (pata o6palyeHus: 25.07.2021).

4 Deliso M., Katersky A., Margolin J., Date J. (2020). Nashville Latest: FBI Investigating Man's Properties, Remains Tied to
Explosion. ABC News. December 26, 2020. URL: https://abcnews.go.com/US/nashville-latest-authorities-investigating-
500-tips-rv-explosion/story?id=74916083 (aaTta o6palieHus: 25.07.2021).

5 Presidential Results//CNN Politics. 2020. URL: https://edition.cnn.com/election /2020 /results/president#mapmode=
lead (paTa o6palenuns: 25.07.2021); 2016 Presidential Elections Results//New York Times. 2016. URL: https://www.
nytimes.com/elections/2016/results/president (aata obpaweHuns: 25.07.2021); 2012 Unites States Presidential
Election//Wikipedia. URL: https://en.wikipedia.org/wiki/2012_United_States_presidential_election (aaTta o6palyeHuns:
25.07.2021).
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https://edition.cnn.com/election/2020/results/president#mapmode=lead
https://www.nytimes.com/elections/2016/results/president
https://www.nytimes.com/elections/2016/results/president
https://en.wikipedia.org/wiki/2012_United_States_presidential_election

Mony4yeHHble JaHHble MPeACTaBASOT COB0N BpeMEHHbIE PSifibl, B KOTOPOM KaxabliM
CYTKaMm COOTBETCTBYET 3Ha4YeHUe NoKasaTens, NPonopLMOHanbHOe KOMYeCTBY 3anpo-
COB 1 HopmuKpoBaHHoe Ha 100 (3HavyeHWe noKasartens, pasHoe 100, cooTBeTCTBYET
[HIO C MaKCMManbHbIM KOIMYECTBOM 3arnpocoB M3 AaHHOrO WTaTa 3a AaHHbIN AeHb;
CYTKM cymTatotes oT O 4o 24 YacoB No MECTHOMY BpeMeHM). 115 Nony4eHUs 3TUX AaHHbIX
B C/ly4ae KakKAoro TepakTa ¢ NomoLLbio 6MBAnoTeKM pytrends NOACHUTLIBANOCH YUCO
3anpocoB No WTaTy B Nepunos, HauynHatoWwmnmnes 3a Tpu AHS 4O COBEpLUEHMS TepaKTa
W 3aKaH4YuBaloWMNCS Yepes ABa Heaenun nocne cobbiTus. 4na uccnefoBaHns peaxkumnm
Ha B3pblB Ha BocToHCKOM MapadoHe uccnegoBanoch KitoyeBoe cnoso «Boston», ¢ mac-
COBbIM YOMMCTBOM B Inb-laco accoummpyeTcs KintoveBoe ¢ioBo «El Paso», ¢ MaccoBbIM
yéuincteom B OpnaHgo — «Orlando», ¢ MaccoBbIM youicTBom B CaH-bepHapamMHo —«San
Bernardino», ¢ Tepaktom B Hbto-Mopke — «New York», co cTpenb6oit B HapibCcToHe —
«Charleston», c TeppopucTuyecknm aktoM B Hawewmnne — «Nashville». Takum o6pasom,
B KayecCTBe K/I0YEBOro cioBa BCerga ncnonb3oBanocb Ha3BaHWe TOro MecTa, rae
npon3oLLo cobbiThe. MoacyeT 3anpocoB MO KaxAOMy COOLITUIO HAYMHAETCA 3a TPU
[HA 4O CaMOro cobbITUS AN AEMOHCTPaL MU OTHOCUTENbHO HU3KOM pPacnpoCTpaHeH-
HOCTM 3anpoCoB NO Kaxk4oMy KJIl04EBOMY C/I0BY; 3TO NO3BONSET y6eanTbCs B TOM, HTO
¢$OHOBbLIM LLIYMOM MOXHO NpeHe6peyb©.

Hu)ke Ha pucyHKe 1 npuBeaeHbl MPUMeEpPbl ONUCaHHbIX BPEMEHHbIX PAA0B ANS
WwTata Angaxo (ons unacTpaunmn 6ol BblGpaHbl JaHHble N0 MacCoBbIM YOUUCTBaAM
B OpnaHpo v CaH-bepHapanHo). lanbHenWwn aHannsa BpeMeEHHbIX PAA0B MPOUCXOANN
B TOW e nporpamme.

Puc. 1. TpadmK 3aBUCUMOCTN HOPMUPOBAHHOIO YWCNa 3anpoCcoB, KacatowWwnxea Tepaktos B OpnaHao
1 CaH-bepHapavHo, caenaHHbIX XUTensamu wrata Aigaxo

BpemeHHble paabl 414 WTaTa ARgaxo
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¢ Kog, Cnonb30BaHHbIN ANa U3BNEYEHWUS AaHHbIX U NOCTPOEHNA BPEMEHHbIX PAA0B, AOCTYMEH 0 CChIIKE.

MOHWTOPUHT 06LLECTBEHHOrO MHEHUS: IKOHOMUYECKHME U COLIMabHbIE NepeMeHbl 12
Monitoring of Public Opinion: Economic and Social Changes


https://monitoringjournal.ru/index.php/monitoring/publicFile/submissionFileId?fileId=10277&hash=e06fa62661387a18f364170d7d56348c

O.T. Moanunckasn DOI: 10.14515/monitoring.2022.1.2019
0.G. Podlipskaia

Pe3ynbratbl M BbIBOAbI PaG0OTbI

B MpunoxkeHuu 1 npeacraBneHbl NPoLEHTbl pecnybinkaHueB Ha Bbibopax 2020,
2016 1 2012 rr. no Kaxgomy na wrartos CLUA, a B [MpnnoKeHnn 2 — oTHOLLIEHNS YKucna
3anpocoB B NepBble ABa AHA K YMCay 3anpocoB B 4—5 AHK nocne cobbITUN.

Ha puc. 2 HuKe npeacTaBneHbl rpaduKK, rae no ocu abcumcc oTMEYEH NPOLEHT
rofIocoB, NoJaHHbIX 3a pecnyb/MKaHCKOro KaHanaaTa B KOHKPETHOM WTaTe Ha Bbl6o-
pax, 6auxKanLWKnX K gate cobblTns, a N0 OCM OpAMHAT — OTHOLLEHWE YMcna 3anpocoB
3a nepsble ABa NOc/e TepaKkTa K Yncny 3anpocos 3a 4—>5 aHu.

Puc. 2. TpaduK 3aBUCMMOCTH CKOPOCTH CNafiaHWs MHTEPEeca K KaxaoMy 3 pacCMOTPEHHbIX TEPaKTOB
OT MPOLIEHTa PECnyB/IMKAHLIEB B KOHKPETHOM LiTaTe
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B 1a6n. 3 npeacraBneHbl KOadbUUMEHTbI KOppensumnu MNupcoHa Mexay CKOPOCTbIO
COKpallleHns nHTepeca K BbibpaHHbIM COOLITUSAM M MOAAEPKKON pecnybanKaHCKMUX
KaHauaaToB B wraTax CLUA. KoaddumumeHT Koppensuuu NMupcoHa noKasbliBaeT Besn-
YMHY JIMHEMHOW KOPPENsSUNK MeXay ABYyMS psaaMu. 3ToT KOIGDULUMEHT NPUHUMaET
3HaveHus oT —1 1o 1, 1 KoapPpuuUMEHT 1 cOOTBETCTBYET MOSIHON MONOKUTENbHOM SIN-
HEMHON CBA3K, a KOIGPULUMEHT —1 — NOSIHON OTpULaTE/bHOW. B KayecTBe BXOAHbIX
JaHHbIX 6blM B35Tbl CKOPOCTM Cnaja nHTepeca K npolleawemy TepakTy (onucaHue
METOAMKM pacyeTa CKOPOCTH CM. BbilLE) B KaXKAOM LITaTe U MPOLLEHT pecnybnnKaHLeB
B 9TOM Xe LiTaTe; Koppensumns cyMTanacb No JaHHbIM, MPUBEAEHHbLIM B MNPUIOKEHUSX

11 2 KcTaTbe.
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Tabnuya 1. XapaKTepruCTUKHU JIMHEHHOW KOPpesiUMN CKOPOCTHU COKpaLLeHUs1 UHTepeca K TepaKTtam
M NoAAepKKN pecnyb6IMKaHCKUX KaHAMAAToB B wratax CLUA

CoGbiTHe Xapakrtep Tepakrta KoaddpuumeHT Koppensauumn p-value
El Paso Pacuam 0,3644 0,008
Boston Mcnamuam 0,199 0,162
New York Ncnamusm 0,259 0,067
Orlando Ncnamnsm 0,185 0,193
San Bernardino Mcnamusm -0,0883 0,637
Charleston Ucnamusm -0,1613 0,258
Nashville Mpouee -0,4258 0,0018

M3 tabn. 1 BuaHo, 4To Ans YeTbipex TepaktoB (Boston, Orlando, San Bernardino,
Charleston) He HaGnogaeTcst CTaTUCTUYECKU 3HAYMMOM CBA3U MEMILY CKOPOCTbIO CO-
KpalleHus nHTepeca nosib3oBaTesnen NOMCKOBOM cncTemMbl Google K Npon3oLleawnm
CO6bITUAM C TEM, HACKONbKO Pecnyb/IMKaHCKMM SBNSIETCS KarKablh WTaT (CM. 3Have-
HMA p-value B Tabn. 1). Ang tpex TepakToB (El Paso, New York u Nashville) aTa cBs3b
ABNAETCH CTaTUCTUYECKOM 3Ha4YMMOM, NpY 3TOM Ans AByX TepaKkToB (El Paso, New York)
KO3bPUUMEHT CBA3M NONOXKUTENBHBIW, a Ana ogHoro (Nashville) —oTpuuatenbHbIn.

Taknm 06pa3oM, CTaTUCTUYECKM 3HaYMMas 3aBMCMMOCTb CNaja MHTepeca coLlmyma
K npoleawemy TepaKTy U NoSIMTUHECKUX NPeanoYTeHn xutenen wratos CLUA Habnio-
[JaeTcs 1L b ANs TPEX U3 CEMU PACCMOTPEHHbIX COObITUI. [pKU 3TOM KUTeNn pecnybnn-
KaHCKMX LUTaTOB BbICTPEE TEPSIOT MHTEPEC K NOIMTU3UPOBAHHBIM TEPAKTaM, a XUTENU
[EMOKpaTUYECKMX LITAaTOB — K TepaKTam, He UMEIOLLMM MOSUTUYECKOro OKpaca.
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Moaaep>kka pecny6/1MKaHLEB B COOTBETCTBUM C pe3yibTaTamMu
npe3ngeHTcKnx Bbi6opos B CLUA B 2020, 2016 1 2012 rT., %

Wrar Pecny6nnkaHubl Pecny6nankaHubl Pecny6ankaHubl
(BbIGOPLI 2020 T.) (BbIGOPBLI 2016 T.) (BbIGOPBLI 2012 T.)
ID 64 59 65
1A 53 51 46
AL 62 62 61
AK 53 51 55
AZ 49 48 54
AR 62 61 61
WY 70 68 69
WA 39 37 41
DC 5 4 7
\2) 31 30 31
VA 44 44 47
Wi 49 47 46
HI 34 30 28
DE 40 42 40
GA 49 50 53
WV 69 68 62
IL 41 38 41
IN 57 57 54
CA 34 32 37
KS 56 56 60
KY 62 63 60
(¢0) 42 43 46
CT 39 41 41
LA 59 58,1 58
MA 32 33 38
MN 45 45 45
MS 58 58 55
MO 57 58 54
Mmi 48 47 45
MT 57 56 55
ME 44 45 41
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Wrar PecnyGanKaHubl Pecny6auKaHubl Pecny6auKaHubl
(BbIGOPDLI 2020 T.) (BbIGOPBLI 2016 T.) (BbIGOPLI 2012 T1.)
MD 32 34 36
NE 58 59 60
NV 48 46 46
NH 45 47 46
NJ 41 41 41
NY 38 37 35
NM 44 40 43
OH 53 51 48
OK 65 65 67
OR 40 39 42
PA 49 48 47
RI 39 39 35
ND 65 63 58
NC 50 50 30
™ 61 61 59
X 52 52 57
FL 51 49 49
SD 62 62 58
SC 55 55 55
uT 58 45 73
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OTHoOLeHHne Y1 C/1a 3anpocoB B fepBble ABa [IHS K YACJy 3anpocoB B 4—5 gHKn

LWrar El Paso | Boston v:rﬁ Orlando Ber::rndino Charleston Nashville
ID 8,1 2,0 2,7 3,8 4,8 13,9 2,8
IA 91 1,6 2,6 4,3 8,3 6,4 4,2
AL 6,8 1,8 1,4 2,5 9,7 5,7 52
AK 6,0 1,8 18 2,0 10,0 10,0 5,6
AZ 5,3 1,9 1,9 3,2 5,7 5,9 3,5
AR 57 1,8 2,3 37 71 3,3 3,6
WY 28,8 2,0 1,7 6,6 7,2 4.4 1,9
WA 6,3 2,0 2,4 3,8 6,6 5,0 3,6
DC 9,3 1,7 1,1 2,8 14,5 3,7 9,3
VT 5,8 1,4 0,4 2,1 2,7 10,0 4,1
VA 6,6 1,6 1,3 3,3 49 31 4,5
Wi 5,8 2,0 1,6 3,6 5,7 51 3,3
HI 4,3 2,3 2,4 5,6 78 7,6 6,4
DE 49 2,3 1,6 4,5 10,5 10,0 35
GA 9,1 1,7 1,7 29 6,4 4.4 3,4
Wv 59 1,8 1,7 5,3 2,0 1,5 4,2
IL 7,1 1,8 2,0 3,6 7,7 3,7 4,0
IN 7.8 1,9 2,3 35 5,6 6,0 3,9
CA 7,1 2,0 1,9 3,5 5,6 3,9 3,6
KS 15,9 1,5 2,2 3,0 11,0 35 3,6
KY 15,6 1,8 1,7 3,6 9,8 2,6 4,6
(¢0] 4,9 1,8 1,5 35 5,9 3,6 45
CT 4,7 1,3 0,8 3,6 4,6 5,6 3,2
LA 7,0 1,5 1,4 2,7 4,1 4,9 3,4
MA 8,2 12 1,3 4,0 8,1 37 41
MN 9,5 2,0 1,3 4,0 5,0 4,3 3,5
MS 25,8 2,0 2,6 32 11,1 3,8 4,0
MO 10,1 2,0 1,8 3,5 5,6 2,9 3,5
Mi 6,2 1,7 1,6 4,1 6,9 55 3,7
MT 5,2 2,3 2,0 4,0 2,5 2,8 2,2
ME 4,6 1,4 1,3 3,8 10,0 1,3 6,0
MD 6,9 1,6 1,5 34 74 3,6 3,3
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Wrar El Paso | Boston y;ﬁ Orlando Ber:aarndino Charleston Nashville
NE 8,1 1,8 1,7 3,3 8,3 4,4 2,6
NV 8,5 24 2,3 4,0 4.4 3,0 3,0
NH 3,9 1,5 1,2 4.4 18,4 14,9 4,7
NJ 6,1 1,5 1,1 35 6,9 52 3,0
NY 5,6 1,6 1,0 34 6,1 41 35
NM 2,6 2,2 1,4 3,7 8,5 23,0 31
OH 8,0 1,8 19 37 6,6 37 4,0
OK 7,5 1,9 2,6 3,0 13,1 6,3 4.4
OR 6,2 1,9 1,6 3,9 6,6 2,6 3,6
PA 5,8 1,7 1,4 3,6 71 3,2 3,7
RI 7.2 1,3 1,3 3,3 18,3 10,0 35
ND 16,0 2,3 11,7 54 10,0 31 51
NC 6,9 1,7 1,6 3,7 4,6 31 3,7
TN 6,7 1,6 16 35 8,1 37 2,7
X 3,0 1,9 2,1 3,3 6,4 4,0 3,7
FL 71 1,7 1,5 2,3 75 41 4.8
SD 10,1 2,7 3,5 35 10,0 14 3,3
SC 9,1 1,5 1,7 4,1 12,2 2,2 4,6
ut 6,6 1,7 1,6 4,3 7,2 4,9 3,7
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Abstract. Automated social media ac-
counts, a.k.a. social media bots, have
been gaining increasing interest among
scholars studying human online behav-
ior in recent years. Despite the abundant
literature on bots, their substantive ef-
fects remain understudied. This paper
bridges the existing gap by developing a
realistic computational model of human
interactions on Twitter, a popular social
media platform, that includes leaders,
ordinary users, and bots attached to
leaders. First, we employ this model to
study the effects of bots with different
functions on promoting their leader by
gaining them extra followers or retweets.
Second, we explore the effects of bots on
promoting their leader’s cause through
increasing the volume of tweets with the
leader’s ideology. We show that bots can
be detrimental to the leaders’ personal
popularity, whereas the effect on cause
promotion depends on the distribution of

DOI: 10.14515/monitoring.2022.1.2022

MPOABUXKEHWE NUAOEPA UKW MO-
MYNAPU3ALNA MOBECTKN? ATEHTHO-
OPUEHTUPOBAHHAA MOZEJb NMPUME-
HEHWA BOTOB B COLIMAJIbHbBIX CETAX

CTYKAJT [leHnc KOHCTaHTUHOBMUY — KaH-
auvaart nouTUYEeCKMX Hayk, Beaylni
Hay4Hbli COTPYAHUK Hay4HO-y4ebHOM
snabopatopmu NoJIMTUHECKMX MUCCie0-
BaHun, HalmoHasibHbIN uccsieqoBaTelb-
CKUK yHMUBEPCUTET «BbicCLUas LIKo1a 9KO-
HomuKn», MockBa, Poccus

E-MAIL: dstukal@hse.ru
https://orcid.org/0000-0001-6240-5714

DOUJINTINOB Mnbs BopncoBuy — acnu-
paHT, HaynoHasibHbIN ncecienoBaTesib-
CKUK yHMUBEPCUTET «BbicCLUas LIKoa 9KO-
HomuKn», MockBa, Poccus

E-MAIL: ibfilippov@gmail.com
https;//orcid.org/0000-0002-1464-2923

AHHOTauusa. B nccnefosaHugax nonu-
TUYECKON aKTMBHOCTK B COLMaNbHON
CeTaX B nocnegHee BpemMs Bce 60sbluee
BHMUMaHWe yaenseTcs aBTOMaTU3upo-
BaHHbIM aKKayHTaM, 60/1ee U3BECTHbIM
KaK 60Tbl. HecMoTps Ha o6unune pabor,
NOCBSILEHHbIX 3TOMY SB/IEHUIO, BO34EN-
cTBMEe 60TOB Ha CoLManbHYlO CETb U ee
nosib30BaTesen oCcTaeTcsl HeJOCTaTOYHO
nccnefoBaHHbIM. [laHHas cTaTbs Ha-
npasfieHa Ha 3anosIHEHWE 3TON NaKyHbl
W npeanaraeT peanuCTUYHY0 BblYUC-
NUTENbHYIO MOAEeNb B3anMOAENCTBUN
06blYHbIX MONb30BaTENEN, MONUTUHECKMX
NUMAEPOB M X 6OTOB B MNOMNY/IIPHOM COLM-
anbHoM ceTtun Twitter. B nepByto ovepenb
Mbl UCNONb3YEM MOAENb ANS N3YYEeHUs
nocnegcTBUN NpuMeHeHns 60TOB AN
nonynspusaunm NMAepCcKoro akkayHTa
C NOMOLLbIO NMPUOBPETEHUSA HOBbIX NOA-
NMUCYMKOB M PETBUTOB. [lanee mbl uccne-
AyeM BO3MOXKHOCTM 60TOB MO NPOoABMIKe-
HUIO TMAEPCKOM MOMNTUHECKOW NO3ULUK
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bots among leaders. These results can
be used for developing suitable research
designs for further empirical estimation
of the effects of bots.

Keywords: social media, bot, agent-
based model, political communication,
activism
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Introduction

The effects of social media platforms that were initially and optimistically dubbed
as a liberation technology [Diamond, 2010] proved much more nuanced and complex,
as these platforms have paved the way not only for new forms of pseudo-activism
including slacktivism?® [Christensen, 2011], but also for novel ways of manipulating
public opinion and suppressing civil and political participation through the spread of
misinformation, armies of paid trolls, and networks of automated accounts known
as bots [Gunitsky, 2015; Tucker et al., 2017; Feldstein, 2019]. The latter technology
has spawned a particularly large and diverse body of academic research developing
new methods for bot detection [Chavoshi, Hamooni, Mueen, 2016; Davis et al., 2016;
Sayyadiharikandeh, 2020], identifying strategies behind the use of bots in diverse
contexts [Shao et al., 2018; Uyheng, Carley, 2019]. However, the importance of bots
for human online behavior remains understudied. Can bots affect what human users
consume on social media platforms? Are bots an effective tool for boosting their cre-
ators’ ability to reach out to larger online audiences?

Answering causal questions about the effects of bots empirically would require
complex experimental designs that may be unfeasible or unethical. This paper takes
a different approach by developing a computational agent-based model of human

1 Morozov E. (2009) The Brave New World of Slacktivism. Foreign Policy. May 19. URL: https://foreignpolicy.com/2009/
05/19/the-brave-new-world-of-slacktivism/ (accessed: 13.02.2022).

Monitoring of Public Opinion: Economic and Social Changes
MOHWTOPUHT 06LLECTBEHHOrO MHEHUS: IKOHOMUYECKHME U COLIMabHbIE NepeMeHbl

No.1 January— February 2022 24
Ne 1 (167) ausBapb—despanb 2022


https://foreignpolicy.com/2009/05/19/the-brave-new-world-of-slacktivism/
https://foreignpolicy.com/2009/05/19/the-brave-new-world-of-slacktivism/

interactions on a social media platform like Twitter. The proposed model does not
only allow us to capture important aspects of human online interactions on a popular
social media platform or algorithm-induced patterns of human behavior but also to
introduce different types of bots in the human network in a controlled way that enables
us to measure the effects of bots under different scenarios.

We consider two main scenarios. First, bots are created and stay attached to a lead-
er on only one side of the one-dimensional ideological space. Second, two leaders on
different sides of the spectrum are equipped with bots. Both scenarios allow bots to
operate under different regimes that involve doing nothing, posting tweets, following
other users, or both. We exogenously vary the share of bots in the network and measure
distinct metrics that gauge the ability of bots to gain new human followers or retweets
to the leader on the one hand, or to contribute to the leader’s cause by promoting
tweets with her ideology through the network on the other.

We show that the presence of bots on only one side of the ideological spectrum
generates qualitatively different results than the availability of bots to both leaders. In
particular, we find that sophisticated bots equipped with multiple functions can dam-
age the leader’s ability to get human retweets, while assisting the leader in spreading
the word through the network. The positive effect however goes away when bots are
attached to both leaders, whereas the retweet-suppressing effect remains unchanged.

We make a two-fold contribution to the growing literature on the effects of bots on
human behavior in social media environments. First, we develop a realistic and flexible
model of human and non-human activity on a social media platform, thereby bridging the
gap between empirical and theoretical research on online mobilization. Second, we use
computational experiments to reveal and explore a previously understudied trade-off that
social media users may face when choosing to launch a network of bots for promotion
purposes. We show that different types of bots can be beneficial for the promotion of
a cause, but detrimental to the promotion of a leader herself, thereby contributing to the
growing body of literature on social media bots and online mobilization alike.

The paper proceeds as follows. Section two discusses the main lines of bot-related
academic research and identifies some of the major gaps in the existing literature.
Section three describes our computational model. Section four presents our findings.
Section five concludes.

Literature review

The study of social media bots started with research on bot detection in the field
of computer and data science. To date, scholars have proposed a variety of methods
and tools for the automated detection of bots including diverse supervised [Davis et
al., 2016; Varol et al., 2017; Stukal et al., 2017; Orabi et al., 2020] and unsupervised
[Chavoshi et al., 2016; Wu et al., 2018; Khalil, Khan, Ali, 2020] machine learning
techniques. Despite the voluminous literature on this topic, academics have expressed
growing concerns about our technological capacity of identifying sophisticated inau-
thentic accounts that exhibit both automated and human behavior [Cresci et al., 2017;
Grimme, 2017; Luceri et al., 2019].

The complexity of the bot-detection task is particularly worrisome, given a plethora
of evidence that bots can be employed online for nefarious purposes, including ma-
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nipulating public opinion about important political campaigns [Bastos, Mercea, 2019;
Uyheng, Carley, 2019], spreading misinformation and propaganda [Shao et al., 2018],
or threatening social and political activists [Treré, 2016]. On the other hand, previous
research has also identified some cases of more positive use of bots for coordinating
volunteer activities [Savage, Monroy-Hernandez, Hollerer, 2016] or assisting social
media users in staying informed about recent news [Diakopoulos, 2019].

The case studies of bot deployment for the public good or public bad have been
augmented with research on the activity strategies employed by bots. Empirical ex-
perimental research has shown that bots with higher levels of online activity and more
developed algorithms for post generation tend to be more successful in gaining and
retaining human followers [Freitas et al., 2015; Savvopoulos, Vikatos, Benevenuto,
2018]. It has also been shown that bots may infiltrate the network of social media users
by randomly following, mentioning, or replying to other users [Shao et al., 2018]. This
type of bot strategy was also highlighted in an agent-based computational model of the
spread of information in a network of social media users? that revealed the potential
superiority of the random targeting strategy over focusing on information hubs. This
computational model is one of the few attempts to evaluate the effectiveness of bots
in terms of bots’ audience or the magnitude of the produced distortions in the network
of users or posts. Systematic empirical research on this topic is hindered by both the
lack of experimental data and ethical concerns on the one hand, and the complex
mix of diverse algorithms that may control the behavior of bots on the other. As was
previously claimed, bots would not necessarily be doing something they were told
directly. Instead, they may be governed by abstract rules [Hegelich, Janetzko, 2016].

Given these complexities in solving the puzzle about the effects of bots empirically,
a new line of theoretical research has emerged that has addressed the conundrum
computationally through experiments with agent-based models. Bots have been stud-
ied in the spiral of silence context with the somewhat counter-intuitive finding that
even small proportions of bots around 5 to 10 percent are able to change the opinion
climate in the network [Ross et al., 2019; Cheng, Luo, Yu, 2020]. Alternatively, the
activity of bots was also modeled in the context of disinformation spread where some
more modest estimates of bot effects have been reported [Beskow, Carley, 2019].

We continue this line of research by developing a realistic agent-based model that
captures major aspects of user interactions on Twitter. We then introduce bots into the
network and monitor the outcomes of their activity under different settings.

Computational Model

Broadly speaking, our model builds on the idea that a good model of social media
communication requires taking into account the indirect nature of communication in
social media environments. Indeed, a Twitter user cannot interact with others directly.
Instead, all online encounters are mediated by the platform interface that involves
multiple screens with diverse content and a limited set of available actions regarding
this content. Some of the screens may be personalized for a particular individual,

2 Lou X., Flammini A., Menczer F. (2020) Manipulating the Online Marketplace of Ideas. URL: https://arxiv.org/pdf/1907.
06130v1.pdf (accessed: 13.02.2022).

3 Ibidem.
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whereas others can be identical across users. In the case of Twitter, an example of
a personalized screen is the Twitter feed that shows a user the most relevant tweets
that have been posted on the platform since the user’'s most recent login. The rele-
vance of a tweet is measured by the platform’s internal algorithms and depends on the
user’s previous online activity and her position in the network graph (i. e., who follows
her and whom she follows). Put it differently, the feed content is unique for every user
at all times. On the contrary, other screens, including a user’'s home page showing her
original tweets and retweets, might look (almost) the same for everyone on Twitter.

From this screen-oriented perspective, any public communication in which plat-
form users engage can change the screen content for everyone, because tweeting,
retweeting, or commenting modify the user’'s home page and other users’ feeds. In
addition, retweeting and liking can also affect internal platform algorithms, thereby
making changes in the personalized screens of other users.

Another aspect of mediated communication on Twitter is the central role of a tweet.
Indeed, in many cases, Twitter users interact with each other through interacting with
a tweet (the only exception being following or unfollowing other users). This mediation
is a result of the platform architecture, design, and algorithms.

We build our model around these two aspects of mediated communication. The
model does not seek to reproduce all the details of the platform functioning on Twitter
but instead captures its fundamental characteristics. In particular, we model human
interactions with the screens that are governed by internal algorithms that are in turn
affected by users’ activity. The key screen in our model is the feed. Users can interact
with the tweets they can see in their feeds by retweeting (or not retweeting) those
tweets and following or unfollowing their authors. All these actions make changes in
the screens available to other users by changing the inputs for the algorithms that
control individual feeds. In addition, users’ feeds can get affected by bots, i.e., pseudo-
users whose activity is controlled by algorithms. As the goals of bot creation and the
strategies behind their deployment can be diverse, our model allows for bots with
different types of functionalities.

Overall, the model includes three types of actors that are qualitatively and quan-
titatively different. First, we introduce ordinary users. Every time they are active (not
necessarily at every iteration of the model), they can read their feed, look through and
decide whether to follow back new followers, make a retweet or post an original tweet,
follow, or unfollow another user based on her post.

Second, our model features leaders. These actors stand out among ordinary users
due to their numeric characteristics. In particular, they get activated more often and
can read or post larger volumes of tweets. Although our model allows for any number
of leaders, we focus on the case of two leaders here for ease of presentation.

Finally, we introduce bots into the network. These actors can only get created by
a leader, whom these bots follow. Besides, all bots of the same leader follow each
other. Bots have the same activity characteristics as their leader, but the specific
types of actions available to bots may be different and are controlled by a model hy-
perparameter that was introduced into the model in order to better understand the
effects of bots. The available action types include tweeting or retweeting on the one
hand, and random following of other users in order to get a reciprocal follow request
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on the other. We implement this idea of random mutual followings within a probabil-
istic framework by introducing the 0.1 probability of a follow back. Hence, there are
in total four combinations of bot functions ranging from no activity whatsoever to
both functions activated. Interestingly, the no-activity bots can also play a role in the
network, as they increase the number of followers their leader has, thereby potentially
affecting the visibility of the leader.

A model run starts with a selection of a set of exogenous hyperparameters (shown
in table 1). We then generate the network of users as a Barabasi-Albert random graph
[Albert, Barabasi, 2002] so that the nodes could be divided into a few elite nodes
with a large number of followers and a large number of ordinary nodes (users). The
resulting graph is only a starting point for our model, as the graph does not include
bots at this stage. Besides, all ordinary users are very similar at initialization and have
no features but the number and list of followers. However, this initial stage of network
generation allows the model to identify leaders as top-2 users in terms of the numbers
of followers. Once the two leaders are identified, they are also assigned ideological
positions that are controlled with the model hyperparameter leader_positions. Then,
once ideology was assigned to leaders, it also gets assigned to ordinary users. Every
user gets a position between —1 and 1. The assignment process is sequential and
makes sure that the users who follow those with negative positions would not receive
high positive values. Put it differently, the assignment mechanism reproduces user
homophily.

Table 1. Model hyperparameters

Hyperparameter Description
m Number of outgoing edges network nodes have at initialization
numleaders Number of leaders
totalP Total number of users in the network
P Number of non-bots in the network
b Share of bots
leader_positions Leaders’ ideological positions
botshare_first The share of bots attached to the first leader among all bots
alpha Parameter controlling the distribution of activity levels over users
alpha2 Processing capacity parameter that controls the size of the processed feed
max_passiveness Parameter that controls the minimum activity level
lifespan Tweet lifespan
action_probability Prob-abil.ity of tweetingg probability of following the author of the retweeted
post; twice the probability of unfollowing a user
leader_boost Leader’s extra bonus to the probability of tweeting
tolerance Maximum tolerated difference in ideological positions
steps Number of iterations during a model run
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Besides ideology, every user is characterized by the maximum time of inactivity
and the processing capacity, i.e., the number of tweets they can read in one login
session. These values are sampled from a power distribution so that only a few users
receive high values of both features. In order to let the leaders stand out among
ordinary users, they get particularly high values of two features through a special
leaders’ bonus value.

A user’s activity status at any model iteration is probabilistic and depends on the
number of the previous iterations when the user was not active (tracked with the
clock parameter — see below) and the passiveness hyperparameter. For a leader, this
probability gets a bonus boost. Overall, the probability of user activity is computed
as follows:

1

(passiveness — clock + 1)
1

(passiveness — clock + 1)

|leader =0
P(activity) =

+ leader_boost|leader =1

where the clock parameter is set to zero if the user is active at the current model
iteration, otherwise it increases by one.

Network initialization concludes with the inclusion of bots that follow one or both
leaders and have the same ideology, activity, and processing capacity. The proportion
of bots that are assigned to each leader is controlled with a model hyperparameter.

Once bots are added, the model is ready for computational experiments. Each
model iteration involves the following steps (except steps 6 and 8 that can be skipped
depending on the regime in which bots operate in):

(1) All previous unseen tweets are removed from user feeds.

(2) A user undergoes an activity check. If it does not pass the check, the following
steps are not made for this node.

(3) A new user-specific feed is formed out of the set of all tweets available to the
user. The user will read the content of the feed up to the user’s processing capacity.

(4) If the user is not a leader or a bot, she can follow a new follower back with a given
probability (0.1 in this paper).

(5) The user reads the feed up to her processing capacity, can follow or unfollow the
authors of the read tweets, and can choose a tweet for retweeting.

(6) If the user is a bot that has not selected any tweet for retweeting, it randomly
selects an old tweet of this leader for retweeting.

(7) The user posts an original tweet with a given probability fixed at 0.5 here.

(8) If the user is a bot, it can randomly follow a new user.

The sorting of the posted tweets in a feed depends on two different values. First,
each tweet receives a value that reflects its objective characteristics (e. g., the popu-
larity of the tweet and its author’s metadata). This value —referred to as score —is
particularly important when the number of tweets that are eligible into a feed exceed
the user’s processing capacity. In this case, tweets are sorted in the descending order
based on this value, which thereby helps identify the tweets a user will actually read.
The score is measured as follows:
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( indegree retweets 4 subscribed_followings )
score = - - ,
n max _indegree + 1 max_retweets + 1~ max_subscribed_followings + 1

where n is the number of times the tweet could have entered into the feed through
different channels; indegree is the number of followers the author of the tweet has;
retweets is the number of times this tweet has been seen by other users; subscribed_
followings is the number of nodes that are followed by the user and follow the author
of the tweet; prefix max_ refers to the maximum values of the respective parameters
in the whole feed.

The other value is more subjective and reflects a user’s perception of a tweet. At
step five of a model iteration, a user selected tweets for retweeting based on a value
defined as follows:

value = |1 — ./(position — position 2) X (In(indegree + 1) + 1).
reader tweet

We refer to this value as utility. Importantly, in addition to scoring each tweet based
on its utility, the user also checks if the absolute difference between position,q,4., and
positiong,.. falls below a threshold that is set as a hyperparameter. If it exceeds the
threshold, the user unfollows the author of the tweet or the retweet maker with prob-
ability 0.25. Finally, with probability 0.5 the tweet with the largest utility gets retweeted
and with the same probability the user starts following its author.

We implement this computational model in Python 3 and use it to perform a set of
computational experiments in order to better understand the potential mechanisms
behind the effects of bots on online political mobilization.

Model results
This section presents the results of a series of computational experiments per-
formed using our model. In all the experiments, the first leader was assigned the
ideological position of —0.5, whereas the other leader is ideologically located at 0.5.
While the leaders’ ideological positions remain fixed throughout our experiments, we
vary the share of bots in the network starting with the no-bots situation (share=0) and
up to the case where bots make up half the platform population (share =0.5). This wide
range of values considered for the share of bots is motivated by previous empirical re-
search on the proportion of automated accounts on Twitter showing that the proportion of
bots may vary dramatically depending on the national context and the segment of Twitter
under study. In particular, existing empirical estimates range between under 10 percent
and up to 50 percent [Chu et al., 2012; Subrahmanian et al., 2016; Stukal et al., 2017].
In addition to varying the share of bots across computational experiments, we
also consider different action types available to bots. There are four main regimes of
bot operation: bots posting original tweets or retweeting their leader, bots randomly
following other users, bots doing all these things together, or not doing anything at all.
Model experiments with a given set of hyperparameters (including a preset share of
bots and a bot regime) are referred to as model runs and are repeated 26 times with
different starting values of the pseudo-random number generator (random seeds).
Each model run includes 500 model iterations.
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In order to evaluate the effects of bots under different regimes, we measure multiple
performance metrics that represent distinct goals that could potentially be achieved with
the use of bots. First, we measure the ability of bots to reach out to humans by measuring
the number of people subscribed to bots. Although this metric is bot-centered and might
not seem substantively interesting, we report it as it is often the focus in experimental
research on bots [Freitas et al., 2015; Savvopoulos et al., 2018].

Second, we measure the ability of bots to promote the leader’s ideology. For this
purpose, we measure the distance between the leader’s ideology and the average ide-
ological position of the tweets that human users read at the last 100 iterations of each
model run.

Finally, we measure the number of human followers the first leader has, and the
number of times human users retweeted this leader. These two metrics aim to measure
the effectiveness of bots in boosting the leader’s personal popularity and providing her
with extra resources for reaching out and mobilizing her audiences.

Below, we report these performance metrics averaged across random seeds and
account for the random variance of these metrics via 95 percent Gaussian confidence
intervals. Figure 1 reports the results for the four main bot regimes. The top left panel
of Figure 1 shows the bot-centered performance metrics and reveals that pure random
following is the best bot strategy for achieving and retaining followers. Interestingly, this
bot regime outperforms the regime of the full-fledged bot activity that allows bots to use
all their functions. The rationale behind this finding is as follows. Human users make
probabilistic decisions to unfollow someone if that user’s post (either an original tweet or
retweet) is too dissimilar from their own ideological positions. However, if bots cannot tweet
or retweet and can only randomly follow other users in order to get follow back requests,
human users in our model will not have a chance to notice any ideological dissimilarities
between themselves and the bots. Thereby, the share of human users who follow bots
attains the maximum if bots can only send follow requests and there are enough bots in
the network. At the same time, when all functions are available to bots, users are actually
able to observe bots’ ideological positions through tweets and retweets; hence, the metric
can hardly exceed 50 percent of human users who are located on the left-hand side of
the ideological spectrum close to the first leader. Nevertheless, the performance metric
for the full-fledged regime is statistically better than tweeting/retweeting. As one can see
from this result, random following can get extra followers to bots.

The right panels of Figure 1, both the top and bottom ones, present two different
metrics related to the ability of bots to promote the leader’s ideology. Unless bots can
tweet or employ the full functionality, the average ideological position of the tweets
retweeted by human users is located around zero, which is the center of the ideological
spectrum (thus, the 0.5 distance from leader 1). However, if bots can tweet, they are
able to amplify the leader’s ideology. The more bots the network has, the smaller the
distance between the average human-retweeted tweet and the first leader’s position. The
effect of the share of bots is particularly strong in the case of the full-fledged bot activity.

A substantively similar result can be inferred from the bottom right panel that shows the
average number of retweets per capita that are posted by the users located on the left-hand
side of the ideological spectrum, i.e., closer to leader 1. Here again, one can see that the
number of tweets increases in the share of bots if these latter use the full functionality.
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Importantly, these findings are substantially different from what one could infer from
the top left panel. If the latter signals that silent bots are the best option for maximizing
the network exposure to bots, the former goes beyond pure bot exposure and reveals
other types of bots may be superior for the purposes of promoting a cause online.

The bottom left panel of figure 1 takes yet another perspective and looks at what
bots can give the leader herself in terms of the number of retweets. This panel reveals
a negative effect of the share of bots on the number of retweets that leader 1 gets in
the case of tweeting bots; this negative effect persists regardless of whether bots can
only tweet or combine this ability with other functionalities. This negative effect is driven
by the fact that tweeting bots introduce extra tweets into the feeds of human users
thereby distracting them and decreasing their ability to retweet the leader. From this
perspective, even though having more tweeting bots does not damage the size of the
leader’s audience, it may have a negative impact on the leader’s capability of getting
her online audiences engaged.

Fig. 1. The effects of bots with different functionality (single-leader bots)
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Summarizing the findings from figure 1, one can infer that bot deployment creates
a trade-off for a leader. The most sophisticated bots can produce a strong boost to the
leader’s cause by exposing larger audiences to the cause-related message. However,
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the same types of bots can substantially undermine the leader’s ability to spread her
voice through human retweets.

One significant limitation of these findings is due to the presence of bots on only
one side of the ideological spectrum. In many situations, including the Russian political
context [Stukal et al., 2019], bots are deployed on both sides of the spectrum. We now
turn to this more realistic scenario and consider the case of bots attached to one of
the two leaders. The results for this case are presented in figure 2.

Fig. 2. The effects of bots with different functionality (bots attached to both leaders)
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The top left-hand side panel corroborates our discussion of the results of the previ-
ous figure. As it was also the case before, the pure random following makes it possible
for bots to achieve the maximum possible audience when enough bots are present.
Tweeting bots and bots with the full-fledged activity, however, demonstrate even more
impressing results than bots with the random following functionality. Indeed, all these
bots could hardly exceed 50 percent on the left-hand side of figure 1, but they achieve
almost complete coverage of platform users when bots are located at both sides of
the spectrum. As it was also the case before, inactive bots remain unfollowed by
human users.

The ability of bots to promote the first leader’s cause (shown on the right-hand side
of the top two rows in figure 2) gets trumped by the activity of the other leader’s bots.
In fact, the distance between the average ideological position of the tweets consumed
by human users and the position of the first leader remains basically stable no matter
what the share of bots is. The situation is identical also for the second leader (see the
bottom right panel in figure 2).

The personal boosts that either leader can get from deploying bots (shown on the
middle and bottom left panels in figure 2) reveal a very similar pattern to what was
inferred from figure 1. In particular, one can see a detrimental effect of tweeting bots
and the full-fledged bot activity on either leader.

Thus, this more realistic case reveals that even though the deployment of bots is
not necessarily useful for promoting the leader herself, this might work as a defense
strategy against the cause-promotion bot effects described in figure 1. Overall, the
benefits of having bots depend on what the goal of bot deployment is. Bots can indeed
help increase the number of followers (although only to a very limited extent) but may
be unhelpful or even harmful for boosting leaders’ retweets.

Conclusion

Social media bots have become a common element of the social media environ-
ment. Previous studies have shown that bots can exhibit large variation in their sophis-
tication, activity levels, or types of produced content. Large bodies of literature exist
on the technologies of bot detection; a plethora of studies have documented cases
of the use of bots for commercial and political purposes in a number of countries.
What remains however unclear is whether bots actually matter. Although the empirical
puzzle is yet to be solved, this paper makes a two-fold contribution to the studies of
the effects of bots on human behavior in social media environments.

First, we develop a realistic and flexible computational agent-based model of politi-
cally relevantinteractions on Twitter. We consider three types of users, including leaders,
ordinary users, and bots. All the users are assigned ideological positions and some
tolerance towards ideological dissimilarity. Users can tweet, retweet, follow or unfollow
other users based on their ideological positions. Bots are introduced in this network as
attachments to leaders with different types of functionalities. We then vary the share
of bots in the network and types of actions available to bots to see how the presence
of different types of bots can change the metrics that may be relevant to the leaders.

Second, we use computational experiments to reveal and explore a previously
understudied trade-off that social media users may face when choosing to launch
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a network of bots for promotion purposes. In particular, we focus on two cases. In the
first case, we consider the bots attached to one leader only. After running a series of
computational experiments, we show that highly sophisticated bots and bots that are
able to tweet or retweet can contribute to the leader’s cause by making it more visible
to the network audiences. However, the same types of bots can harm the leader’s abil-
ity to engage with the audience, as the number of retweets the leader gets decreases
in the share of bots. Hence, the deployment of bots creates a trade-off for a leader
who would need to choose whether to promote the cause or herself.

In the second case, we consider a polarized situation with two leaders both having
bots attached. In this case, the ability of bots to promote the leader’s cause disap-
pears. However, the same types of bots are still able to make it harder for a leader to
get retweets. What is common for both cases is the small positive effect of bots on
the leaders’ ability to get extra followers, but the size of the effect is close to trivial.

Our results highlight some of the fundamental challenges for empirical research
focused on measuring the effects of bots. One of these challenges is the dependence
of the effects of bots on the network ecosystem. Introducing bots on the other side of
the ideological spectrum resulted in important changes in our results. As the poten-
tial real-life cases of bot deployment are much more diverse than the ones we have
considered in this paper, the empirical findings can be hard to generalize beyond the
sample under study.

Another challenge is due to the variety of bots. Although this paper considered
ideal-type situations with all bots having a predefined set of functions on, real-life
situations would typically withess bots with diverse levels of sophistication and less
clear patterns.

Further research is required to develop convincing empirical designs that would
allow researchers to tease out the effects of the distinct types of bots on diverse
groups of audiences and provide empirical measures of the effectiveness of bots as
an amplification technology.
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Abstract. Based on the data of all-Rus-
sian representative studies conducted
within the framework of the internation-
al ISSP program in 1992-2019, as well
as the 2020 study of the Federal Re-
search Center of the Russian Academy
of Sciences, the article examines the
perception of social inequality by the
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coumanbHOn MOGUIBHOCTU KaK daKTopa
ero auddepeHunaumn. NMokasaHo, 4TO
Mo BOCMPUSATUIO JOXOAHOrO HEepaBEHCTBa
CUTyaLMsl OCTaEeTCH CXOXKEN C KapTUHOW,
xapaktepHou euwe ansa 1990-x ronos —
COBCEM ApYyroro atana pasBuTUS CTPaHbI.
MopaBnsiowee 60NbWNHCTBO POCCUSH
W CerofHs cyMTaloT HepPaBEHCTBO LOXO-
OB U3MULLIHE BbICOKMM M HecrnpaBea-
NMBbIM. TakMe npeacTaBneHus u cBf-
3aHHbIK C HUMW BbLICOKMI 3anpoc Ha
nepepacnpeaesneHne He pasnnyatorcs
B pa3HblIx coLManbHO-geMorpaduyecKkmx
M COLManbHO-IKOHOMMUYECKMX rpynnax.
OnbIT counanbHOM MOBUNBHOCTHU TaKXe
He NMPUMBOAMUT K 3Ha4YMmon andbdepeH-
uMaumMn B 3TOM OTHOWEHUK; cnabbim
BMSHUEM XapaKTepu3yeTcs U OXKujae-
Mas MOOGWMIbHOCTb B CPeAHECPOYHOMN
nepcnexktuese. OTHOCHUTENbHO 3aMeTHO
«paboTaloT» B 3TOM OTHOLWEHWWN TONbKO
KPaTKOCPOYHbIE OXMAAHWUSA: €CNU OHMU
MO3UTUBHbI, TO CHU)alOT HeraTMBHoOE
BOCNpPUATME OOXOAHOro HepaBeHCTBaA
W 3anpoc Ha nepepacnpegenexHve. 41o
KacaeTcs BOCMPUATUA HEMOHETaPHbIX
HepaBEHCTB, TO HOPMaTUBHbIE Npej-
CTaB/€HUS O TOM, MUHUMMNIALIUS KaKnX
M3 HUX HeobXxoanma ANS LOCTUKEHMUS
couManbHOM cnpaBeannBOCTH, OKa3bl-
BalOTCS CXOXMMM B rpynnax ¢ pasHbim
HanpaB/iEHUEM OXWAAEMON WK yXKe
coBeplweHHOn MOBGUILHOCTU. ITO Mo-
3BOJISIET CAeNaTb BbIBOA O TOM, 4TO BOC-
NpUATME U MOHETAPHOrO, U HEMOHETap-
HbIX HEPABEHCTB, KaK M 3anpochl Ha KX
COKpallleHne, dopMUpyLoTes B 60/bLIEN
CTEMEHMU UCXOASA N3 HOPMaTUBHbIX Npea-
CTaBNEHWN O «JO/HKHOM» YCTPOUCTBE
obLuLecTBa M OLEHKMN ero COOTBETCTBUS
HablgaemMon peanbHOCTHU, YHEM U3 OCO-
6eHHOCTEN UHANBUOYAIbHOW CUTYaLMH,
B TOM 4uC/e U OXungaeMon unn baxtu-
4eCKOM MOBUNBLHOCTH.
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population, its dynamics, and the role of
social mobility as a factor in its differen-
tiation. The authors show that, in terms
of the perception of income inequality by
the population, the situation resembles
the one seen in the 1990s, during a com-
pletely different stage of the country's
development. The overwhelming major-
ity of Russians today consider income
inequality to be unnecessarily high and
unfair. Such perceptions and the asso-
ciated high demand for redistribution
do not differ across socio-demographic
and socio-economic groups. The expe-
rience of social mobility also does not
lead to significant differentiation in this
respect, and the expected mobility in the
medium term is characterized by a weak
influence. Only short-term expectations
work relatively noticeably in this regard:
if they are positive, they reduce the neg-
ative perception of income inequality and
the demand for redistribution. As for the
perception of non-monetary inequalities,
normative ideas about their minimization
aimed at achieving social justice turn
out to be similar in groups with different
directions of expected or already com-
pleted mobility. Thereby, the perception
of both monetary and non-monetary in-
equalities, as well as requests for their
reduction, are formed to a greater extent
on the basis of normative ideas about
the “proper” structure of society and an
assessment of its compliance with the
observed reality than on the character-
istics of an individual situation, including
expected or actual mobility.
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BBepeHue

B gaHHOM cTaTbe Mbl aHanM3nMpyemMm BOCNPUATME HEPABEHCTBA B COBPEMEHHOM
POCCMICKOM 06LLEeCTBE 1 ero anddepeHumanmio B rpynnax ¢ pasdHbiMU TPAEKTOPUSIMU
counanbHOM MOBUABHOCTU. HepaBEHCTBO OCTaeTCs Kt0YEBbLIM BbI30BOM COLMaNbHO-
3KOHOMMYECKOro pa3BUTHS AN MUPa B LLESIOM W 415 OTAE/NbHbIX CTPaH, B TOM Yucne
n ans Poccunn. OCHOBHOE BHUMaHKe B NocAeaHne roabl yaensaercs ero MoHeTapHoOMYy
M3MEpPEHMIO, OAHAKO BCE Yallle 0TMEYaEeTCs, YTO HEPaBEHCTBO HE MOXKET ObITb CBEAEHO
K pasnuMyinsam B A4oxoAax — CO BpeMeHeM 60Mbllee 3HavYeHe npuobpeTaloT HEMOHeE-
TapHble NBMEPEHUS, a TaKKe CYObEKTMBHOE BOCMPUATUE HEPABEHCTBA HaceleHneM.

PaccmoTpeHue coumanbHon MOBGUIIBHOCTH 06oraLlaeT aHanna npobsemMbl HepaBeH-
CTBa, TaK KaK nepemelleHne nogen mexay no3munsamm cnocobHo He TONbKO cria-
OUTb MW YCYrybuUTb CaMMW HEPABEHCTBA, HO U MOBAKUATb Ha UX Bocnpusatue [Shorrocks,
1978]*. TunoTe3bl 0 3aBUCUMOCTH MEHIY COLManbHON MOBWUIbHOCTbIO, C OAHOWM CTO-
POHbI, M TONEPaHTHOCTbIO 06LECTBA K HEpaBEHCTBaM 1 3anpocy Ha nepepacnpeaene-
HWe — C APYron, BblABMHYTbIE B HAY4HOW UTepaType, NpeanonaratoT, 4To Habnogaemas
counanbHas MOBUIBbHOCTL B 0OLLECTBE M OXKMAAHWUA OTHOCHUTENBbHO ByayLlen BoCXoas-
Wen MobUbHOCTU A4N1a cebs UM CBOMUX AETeN MOBbLILWAKOT TONEPaHTHOCTb K HEpaBEeH-
CcTBaM. 3TU rMNoTe3bl HEOAHOKPATHO TECTMPOBANUCL B IUTepaType; NpoBoaMAach Mx
nposepkKa un ansa Poccuun B 1990-x rogax [Ravallion, Lokshin, 2000], ogHaKo ¢ Tex nop
coumnanbHO-3KOHOMUYECKME peannn B CTpaHe KavyecTBEHHO TpaHCPOoPMUPOBaMUCh,
M BOMPOC O B3aMMOCBA3M COLMaNIbHON MOBUNBLHOCTU U BOCMPUATUS HEPaABEHCTBA
BHOBb OTKpbIT.

B naHHOM pa6oTe Mbl 06paLLaemMcs K BONPOCY O TOM, BAUSET JIM U CEroAHS coLmalb-
Has MOBUbHOCTb (KaK UCMbITaHHas, TaK U OXxXugaemasl) Ha BOCrpusaTMe HepaBeHCTBa
B Poccun. [Ina oTBETa Ha 3TOT BONPOC Mbl paccMaTtpuBaem O6LWMIM KOHTEKCT U aHanu-
31pyem BOCNPUSTUE MOHETAPHOIO HEPABEHCTBA HaceIeHNEM U ero AMHAMMKY (C TOYKHM
3peHus ero Macwrtaba, CTeNeHU cnpaBeLIMBOCTU U 3anpoca Ha nepepacnpeaeneHue),
NoKa3blBaeM CpaBHUTENbHOE MONOXEHWE CTPaHbl B 3TOM OTHOWEHWW HA MUPOBOM
doHe, a TaKKe oLeHMBaem cTeneHb aguddepeHumaL M BOCNPUATUS MOHETAPHOTO
HepaBeHCTBa HaceneHneM B pa3HbiX CoLManbHbIX Fpynnax, B TOM Yncrne pasnunyalo-

1 Cm. Takxe: OECD (2018) A Broken Social Elevator? How to Promote Social Mobility. https://www.oecd-ilibrary.org/
content/publication/9789264301085-en (gata o6pawerHuns 18.05.2021).
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LLMXCSH CBOMM OMbITOM MOBUABHOCTH U OXUAAHUAMU BYAYLLIMX UBMEHEHMI. 3aTEM Mbl
pacluMpsieM nose Halero aHananaa 3a CHET BKIOYEHNS B pacCMOTPEHUEe HEMOHETap-
HbIX HEPABEHCTB M aHaIn3a coumanbHONn MOBUIBHOCTU KaK daKTopa, anddepeHun-
pylOLLEro OTHOWEHWE K HUM (C TOYKM 3PEHUA UX PaKTUYECKON BONE3HEHHOCTU Ans
POCCHUSIH, @ TaKXKe BOCNPUATUSA HEOOXOAMMOCTHU UX COKPALLEHNS B paMKax HOPMaTUBHOM
MOZESIN *Kenaemoro o6LLeCTBEHHOIO YCTPOMCTBA). ITO NO3BONAET HAM MONy4UTb 6onee
MOHYIO U MHOFOMEPHYIO KAPTUHY CNOXKHOIO BNEHNS CYObEKTUBHO BOCNPUHUMAEMOrO
HepaBeHCTBa.

AmMnupuryecKon 6a30i1 Hallero UccnegoBaHus BbICTyNatoT AaHHble YeTbipeX BOH
POCCHMICKOro MaccuBa ncecneaosanus ISSP2: 1992 r. (1944 pecnoHaeHToB), 1999 r.
(1705 pecnoHgeHToB), 2009 . (1603 pecnoHaeHToB) n 2019 . (1626 pecnoHAeHTOB).
MMEHHO B 3T1 rofbl NPOBOAMANCH TEMATUYECKME BOMHbI, MOCBALLEHHbIE MpoBneMaTuKe
BOCMNPUATUSA HEPaBEHCTBA. [15 aHanM3a oTparKeHUst HeMOHEeTapHbIX HEPaBEHCTB B 00-
LEeCTBEHHOM CO3HaHWM Mbl 06paLLaeMcs K AaHHbIM 06LL,EPOCCMMCKOro penpe3eHTaTmB-
Horo o6cnenoBaHma ®HUCL, PAH, npoBeaeHHoro B 2020 r. (2000 pecnoHaeHToB) 3.

Bocnpusatue HepaBeHCTBa M coLuasibHasi MOGU/IbHOCTD:
onbIT NPeAbIRYLUX UCCNef0BaHUN

McecnepoBanus, nocBsLeHHble CYGbEKTMBHOMY BOCNPUATUIO HEPABEHCTBA, CXOAATCS
B TOM, YTO HaceneHne 06bl4HO HEBEPHO OLLEHMBAET U YPOBEHb HEpPaBEHCTBA B CTPaHE,
U CBOE MOJIOXKEHNE B AOXOAHON nepapxuun (NoapobHbI 0630p U OLLEEHKY CMELLEHWN
ons Poccuu cMm. y [TumnenbcoH, YepHuHa, 2020]). OgHaKko 3anpoc Ha coKpalieHune
HepaBEHCTBa OKa3blBAETCH CBA3aH B NEPBYIO 04epedb MMEHHO C CYObEKTUBHOM OLLEH-
KON HepaBEHCTBAa, a He ero dakTuyeckomn rnyéuHon [Gimpelson, Treisman, 2018].
O4yeBMAHO TaKKe, YTO CYLLECTBYIOT M Apyrue GaKTopbl, BAMAIOLME HA BOCMpUSTUE
HepaBeHCTBa M 3anpoc Ha nepepacnpeeneHne, B YUCI0 KOTOPbIX BXOAMT coluanb-
Hasi MOGUbHOCTb.

OAaHa 13 KNoYEBbIX TMNOTE3 O BAUSHUK COLManbHOM MOBUNBLHOCTU Ha OTHOLLEHWE
K HepaBeHCTBY Oblna BblaBUHYTa A. XvpluMaHoM. OH NPeAnon0XKuI, YTO TONEePaHTHOCTb
K HepaBeHcTBaM OyaeT Bhllle, €CNN HaceneHne HabngaeT coLmanbHy0 MOOGUIbHOCTb
B 06LLECTBE, [laXKe eC/IM OHa MOKa He 3aTparuBaeT ux MMyHo [Hirschman, Rothschild,
1973]%. BTopasa u3BecTHasa runoTtesa, cBa3aHHas ¢ MOOUNbHOCTbIO, KOTOpas TaKKe
nposepsanack v 6bina 4aCTUYHO NOATBEPKAEHA NYTEM 3KOHOMUYECKOIr0 MOAENMPOBa-
Hua [Benabou, Ok, 2001], npeanonaraet 6051ee HU3KUK 3anpoc Ha rnepepacnpeaene-
HWe cpeau Tex, KTO OXKMAAET, 4TO UX AeTH (MM OHU CaMM, KaK 6blio NoKa3aHo B 6onee
no3aHux paboTtax) B 6yayliem 6yayT MMeTb AOX0Abl Bbllle CPpeaHMX.

2 ISSP— MexayHapoaHas Mporpamma CouuanbHbix MccnegoBanuii (International Social Survey Programme) — mexayHapoa-
HOE eXerofjHoe MOHUTOPUHIOBOE UCCeJOBaHWe MO BaXKHbIM /19 coLmanbHbix HayK BonpocaM. URL: http://issp.org.

3 06Lwepoccuitckoe penpeseHTaTMBHOe o6cnegoBaHue 6bino npoBeaeHo oceHbto 2020 r. Moaenb BbIGOPKU Npeano-
narana KBOTbl N0 TUNAM NOCEeNeHui, Nony, BO3pacTy U COLManbHO-NPOdGECCUOHANbHON MPUHAANEKHOCTU PaMKaXx Kaxaoro
TEPPUTOPUANBbHO-IKOHOMUYECKOTO PaitoHa. ABTOPbI BbipaatoT 6narogapHocTb pykosoacTsy PHUCL, PAH 3a BO3MOXKHOCTb
MCNob30BaTh AaHHbIE UCCNEf0BaHMS.

4 [oBOPS 0 TONEPAHTHOCTU K HEpaBEeHCTBaM B 6bICTPO Pa3BMBaIOLMXCS CTPaHax, XMpLIMaH NPOBOAWA aHaNorMIo C MaLlu-
HaMu, 3aCTPABLUIMMKU B TPAHCNOPTHOM NPOGKe B TYHHene. Ecnu BTOpas nonoca HauynMHaeT ABUXKEHUE, TO Te, KTO CTOUT
B NepBOM NoN0Ce, BOCMPUHMMAIOT 3TO Kak 06HaAEKMBaIOLLMIA CUrHaN O TOM, YTO U UM BCKOpE NpeacTouT CABUHYTbLCS C MecCTa.
Ecnu e 3Toro He NPOUCXOAUT, TO AABUKEHUE COCeHEN NONOCHl HAYMHAET BOCNPUHUMATLCS KaK cneacTBue HapyuweHunsa
npaBun U HEYECTHOMN UIPbl U NPUBOAUT K HeAOoBO/IbCTBY. Jra runotesa nony4yunna HasBaHue «TyHHEeNbHOro apdekTar.
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AmMnunpuyeckrne paboTbl, NPOBEPSIOLLME HaTMYMEe B3aUMOCBS3M MeXay OTHOLe-
HMEM K HEpaBEHCTBaM M COLIMaNbHON MOBUIbHOCTbIO, TECTUPYIOT €€ PasnyHbIe TUMbI:
MEX- U BHYTPUIreHepaLMOHHY0, GaKTUYECKYIO U OXnaaemyto, oblwune npegcrasne-
HUSA HaceneHmsa o MOGWUSIbHOCTM B 00LLECTBE — ee MacluTabax, crneunduke n daxTo-
pax. BapbupytoTcs 1 3aMepbl OTHOLWEHHUSA K HepaBeHCcTBaM. MoryT ucnonb30BaTbCs
OLLEHKM UX FYOGUHbI, X NPUEMIEMOCTb, MHTEHCMBHOCTb 3anpoca Ha nepepacnpe-
AeneHve — oT NPsIMOM OLLEHKN HEOBXOAMMOCTH NepepacnpeaeneHuns 4o ronocoBaHus
3a Te WK UHble NapTUU — U Apyrue niamkatopsl [Graham, Pettinato, 1999; Téth, 2008;
Gimpelson, Monusova, 2014; Larsen, 2016]. UccnegoBaHua NoaATBEPAWIIN, YTO aHa-
JIN3 UCKOMOW CBSI3M 060ralLaeTcs MCrnob30BaHWEM CYObEKTUBHbIX MOKa3aTenen Kak
B OTHOLLEHMM MOBUNBLHOCTH, TaK M B OTHOLLEHWM HepaBeHcTBa [Kuhn, 2011; Gimpelson,
Treisman, 2018]. OgHaKo 1 NpyY 06bEKTUBHLIX, U NMPU CYOBEKTUBHbIX OLLEHKaX peyb
Yallie BCero MaeT MMeHHO 0 JOXOAHOM HepaBEHCTBE, B TO BPEMS Kak HEMOHETapHbIe
HepaBEeHCTBa OCTalOTCS 3a paMKaMM PacCMOTPEHUSA, XOTS B paboTax 3apyberKHbIX
M POCCUICKMX CMEeLMannCcToB BCe Yalle NoAYEPKMBAETCS, YTO A8 UHTEerpanbHoro
NoNIoXKeHWs nHAMBUAA B 06LEM COLMANbHOM NPOCTPAHCTBE OHMU UIrPaloT HE MEHb-
wee, a BO3MOXHO U 6osibllee 3HavyeHne, onpeaenss Ka4ecTBO KU3HU, JOCTYMHbIE
BO3MOXHOCTU 1 XapaKTepU3yloLne ero XXU3HeHHylo cutyauuto pucku [Grusky, 2011;
OByapoBa v ap., 2014; Anikin et al., 2017].

B3anMmocBa3b 3anpoca Ha nepepacnpegeneHme u oxxmaaemon MobuabHOCTH MPo-
Bepsanacb U ana Poccuu [Ravallion, Lokshin, 2000]. Ha gaHHbix 1996 r. PaBanboH
1 JIOKLWWH noKasanu, YTo Ha TOT MOMEHT Hebaronony4yHoe HaceneHue 6biI0 romMo-
reHHO B CBOEM BbICOKOM 3anpoce, HO cpeau 61aronosly4Horo HaceneHus cutyaums
Oblna HEOQHOPOAHOM W 3aBUCENa OT OXMAAHUW ByayLwen JUHAMUKU COOCTBEHHOIO
NOSIOXEHNS, AEMOHCTPUPYSA HaNU4Yme «TyHHENbHOro addeKTar.

OAaHaKo ¢ Tex Nop coLManbHO-aKOHOMMYECKas CUTyaLIMs B POCCUMCKOM 00OLLecTBe
3aMeTHO M3MeHMNach. POCT LOXO40B M YPOBHS }U3HM, paclUMPEHME CPeaHEro Knacca
W COKpaLleHne 6eaHOCTV MOBANANM Ha COLMaNbHO-9KOHOMMUYECKMI NaHawadT CTpaHbl.
YTo e npu 9TOM NPOMU3O0LLINO C BOCMPUATUEM HEPABEHCTBA M COXPaHUIach /M ero
B3aMMOCB$3b C COLMaNbHON MOBUABHOCTLI0? OTBETY Ha 3TW BOMPOCHI MOCBSALLEH HaLl
JanbHenWwnn amnmpuryeckmii aHanma. CHavana Mol 06paTMMcs K npobrematuke 4oxon-
HOro HepaBeHCTBa, KOTOPOE TPaAULIMOHHO HaxoanTcs B GOKyce BHMUMaHUSA Noao6-
HbIX UCCNeJOBaHWI, a 3aTeM paclmMpuUM NpeaMeTHOE None UccneaoBaHus, BKIOYMB
B HEro couuanbHOe NPOCTPaHCTBO HEMOHETAPHbIX HEPABEHCTB, BaXKHOCTb KOTOPbIX
BCe B 60/bllen CTeNeHN Bo3pacTaeT B COBpeMeHHOM mupe [Sen, 1980].

06bEeKTUBHOE ,0XO4HOE HepaBEeHCTBO U ero BOCNMPUATHUE HaceNleHUeM

Mpexae Yem NepenTH K BOMPOCY CYyGbEKTUBHOIO BOCMPUSATUS OXOAHOIO HEPaBEH-
CTBa HaceNleHWEM, KpPaTKO OXapaKTepu3yem ero o6beKkTMBHoe coctosiHne. CornacHo
OaHHbIM odULIMaNbHON CTAaTUCTUKKU, nHAeKC JxnHu gocturan B 2020 r. 40,6, a gonu
noxofa, NpUXoasWmMxXcs Ha HUXHUM U BEPXHUIM IOXOHbIE KBUHTUNM cocTaBnsanu 5,5 %
n 46,4 % cooTBETCTBEHHO®. 3TU NOKa3aTenn 3aMeTHO Bhllle, YEM B CTpaHax 3anaj-
Hon EBponbl, ogHaKo HWXKe, Yyem B Apyrux ctpaHax BPUKC unu JTatuHcKon AMEpUKM.

5 ®CICP®d (2021). PacnpeseneHue o6Liero o6bema IEHEXHbIX JOXOLO0B M XapaKTEPUCTUKK AnddepeHUraLImm AEHEKHbIX
[oxof0B HaceneHus. https://rosstat.gov.ru/folder/13723 (paTa o6palieHus: 05.03.2022).
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CpaBHUTE/IbHO BbICOKOE HEPaBEHCTBO MacCOBbIX C/I0€B HacesleHMs XapaKTepusyet
poccuiicKoe 06LLEeCTBO BECh NMOpedOpMEHHbIH rnepnos pa3B1Tus. 3T0 BUOHO U3 AMHA-
MUKM MHAEKCa IXKMHW, KOTOPbIV BCE 3TO BPEMS cocTaBnsieT okono 40, He AEMOHCTPH-
pys 3HAaYUMbIX USBMEHEHWNIW (Hanbosbluee CHUXEeHUe npomnsolwwno B 2019—2020 r.,
c 41,2 no 40,6)8.

Ecnu xe oyeHnBaTh HepaBEHCTBO Yepes oKasaTe/Im KOHLeHTpaL M1 JOX040B H, eLle
B 6o/blues cTeneHn, 6oratctBa, T0 Poccnsi OKa3biBaeTcsa cpean MUPOBbIX TIMAEPOB.
1% Hanbonee ob6ecneyeHHbIX rpaxkgaH gep:aT B CBOMX pyKax, COrMacHo pasnnyHbiM
oueHKam, 20—22 % noxopos n 43—56 % 6oratctea [Novokmet, Piketty, Zucman,
2018]". IMHaMU1Ka KOHLIEHTpaLMKN He EMOHCTPUPYET YydLIEHWI B 3TOM OTHOLLIEHUN —
Hao60pOT, pa3pbiB «BEPXYLUKKU» 1 MaCCOBOI0 HaceneHns ToJIbKO HapacTaeT.

KaK B 3TWX yCNnoBMSX CEroAHs BbIMAANT BOCNPUATHE JOXOAHOIO HEPaBEHCTBA
HaceneHnem? [laHHble NOKa3blBaloT, YTO BOCpUSITUE HEPABEHCTBA M MHTEHCUBHOCTb
3anpoca Ha nepepacrnpegeneHme B Poccumn octaloTcsa CXOXUMU C cuTyaumen Ba-
AuatmnetHen gasHoctu. B 1900-e rogbl npobnemMa JOXOAHbIX HEPaBEHCTB JOCTAaTO4YHO
3aMeTHO aKTyanuaupoBanach B 06LWeCTBEHHOM CO3HaHWM, HO AanbHenWwne U3MeHeHUs
COLIManbHO-3KOHOMMYECKOIO KOHTEKCTA YXKe He NPUBOAUIN K KaKUM-TMB0 MacLlTab-
HbIM CMELLEHUSM B 3TOM OTHOLLEHMHK (CM. pUC. 1).

Puc. 1. lnHamurKa BOCMNPUSATUSA JOXOAHOIO HEpaBEeHCTBaA
B 06LECTBEHHOM CO3HaHUKU poccusH, ISSP, 1992—2019 rr., %
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TocynapcTBO JOLKHO Pazmu4md B JoX00ax HenpHA3HE MEETY

COKpPAIATh PA3THIHL BEeTHKH GeTHEIMH H 60TaTBIMH

B J0X0JaX BeTHKA

COrIacHe HecoITacHe HeT IeTKOH HO3HIHE

Mopasnstouiee 60/bWMHCTBO pecnoHaeHToB (6onee 90 %) cHMUTatoT CyLLECTBYIO-
LMe HepaBeHCTBa B 4OX04aX CAULWKOM B60SbLLUMMMU; CXOXKas 40N ONPOLUEHHbIX MPeab-
SIBAIIET 3aMpOC Ha NX COKpaLleHWe rocygapcTay. Mpun 3TOM BaKHO, YTO CyLLeCTBYyOLLEE
HepaBeHCTBO BOCMNPUHUMAETCS B 06LLECTBEHHOM CO3HAHUK HE TOSIbKO KaK U3NuLWHe

¢ ®CIC PD (2021). PacnpeaeneHue oblero o6bema AeHeXHbIX 4OXOA0B U XapaKTepUCTUKKN AnddepeHumaLmmn AeHEeXHbIX
[oxof0B HaceneHwus. https://rosstat.gov.ru/folder/13723 (paTa o6pauieHus: 05.03.2022).

7 CM. Takke: Credit Suisse (2019) Global Wealth Report. Credit Suisse Group AG. Switzerland.
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BbICOKOE, HO M KaK Hecnpaseannmsoe — 6onee 90 % poCCUSAH XxapaKTepu30Baso ero
B 2019 . UMEHHO TaK.

OTMeTMM, 4TO o Mepe MopedoOPMEHHOIro pa3BnUTUS Poccumn yoexaeHns PoCCHsH
B OTHOLLUEHMM JOXOAHOI0 HepaBeHCTBa YKPEnasoTCs. YACNEHHOCTb POCCUSIH, HE UMELD-
LWMX YETKON NO3MLIMM B OTHOLEHMM OLLEHKM CTEMEHN HEepaBeHCTBa B 06LLecTBe, OCT-
pPOTbl KOHPNMKTa 6eAHbIX 1 BOraTbiX, @ TaKXKe POn rocyaapcTBa B pPeLLEeHUN 3TUX Mpo-
651eM, 3aMeTHO cHU3unacb B 1990-e roabl. B HOBbIX TYp6OYNEHTHbIX YCNOBUSX Havyana
1990-x rof4oB HaceneHue elle He MO0 OKOHYaTENbHO ONPEAENUTLCS C «NpaBUIaMu
Urpbl» B OTHOLEHWW HEPABEHCTB U UX OLEeHKWU. OgHaKo No Mepe cTabuamMsaunmn HoBbIX
WMHCTUTYLMOHaNbHbIX YCN0BUI CPOPMMPOBanoch 1 6osee YeTKoe NoOHUMaHWe HepaBeH-
CTBa B 06LECTBEHHOM CO3HaHMK1, OTpasnBLUeecs B 60/bLUEN NOASPU3ALUN MHEHUI
3a CYET CHUMKEHUS KOIMYEeCTBaA HE OTBETUBLLMX.

HeKoTopble M3MEHEHWs MPOMU30LLIN U B OLEHKE KOHONMKTa MexXay 6eaHbIMU 1 60-
rateiMu. Mo cpaBHeHUto ¢ 1990-mMu rogamm oCTpoTa ero BOCMNpPUATUA HacelleHUeM
HECKO/bKO cHM3Unacb. OgHaKo 3TOT KOHQIMKT BCe elle OCTaeTCcs aKTyanbHbIM — [1B€E
TPETM POCCUAH OTMEYAIOT CYLLECTBYIOLLYIO B 0OLLECTBE HEMPUASHb MEXAY NOASPHbLIMU
rpynnaMmu — u onepexkaeT No CBOEN 3HA4YMMOCTH AarKe TPaAULMOHHbIE KNacCoBble
KOHONMKTbI MeXay paboTHMKaMu U paboTogaTensiMm Uam paboymm 1 CpeaHUM KacCoM.

[aHHble nocneaHern BonHbl ISSP® nokasbiBaloT, YTO TaKoe BOCMPUSITUE [0X0A-
HOro HepaBeHcTBa rnomelyaet POCCHIO B YUC/T0O MUPOBBIX TNAEPOB B 3TOM OTHOLLIEHUH.
Mo o6Len gone Tex, KTo CYUTaeT AOXOAHOE HePaBEHCTBO B CBOEN CTPaHE BbICOKUM,
TO eCTb abCONOTHO M CKOPEE COrnacHbIX C TaknM yTBepxaeHuem, Poccusa pasaenset
4—5 no3ununu ¢ fepmaHunen, nponyckas sneped Utanuio, Tannang v Xopsatuio n3 15
CTpaH BbIGOPKK. ECNK e BblAENUTb TONbKO TEX, KTO TBEPAO B 3TOM Y6EXKAEH, TO pas-
pbIB Mexay Poccuen v opyrummn ctpaHaMu CTaHOBUTCA 3HAYUTENbHO 60J1ee BblParKeH-
HbIM —TaK, 73,2 % pocCUsiH abCOMIOTHO COMMacHbl C TEM, YTO Pa3/IMYUA B JOXOL4aX B UX
CTpaHe CAULIKOM BENUKHK, TOrAa KaK Cpean HeMUEB 40N AaloWnX 3TOT OTBET COCTaB-
nsetTonbko 50,5 %. Taknm 06pa3oM, POCCUSHE AEMOHCTPUPYIOT HAUBOSbLLYIO CTEMNEHb
KPUTUYHOCTM B BOCNPUATUM NPOBAEMbl HEPaBEHCTBA Jae C Y4ETOM TOro, 4TO cenyac
3TOT BOMPOC Ype3BblHaNHO aKTyaaM3npoBaH B 06LWEeCTBEHHOM CO3HaHWKM HaceneHus
BCEX CTPaH Mupa (B TOM Yncie NOTOMY, YTO COOTBETCTBYIOLAs TEMaTUKa 04eHb aKTUBHO
o6Cy)KaaeTca B nocnegH1e rogbl U NPOYHO BXOAWT B M0GaNbHYO U HalMOHaNbHble
NOBECTKMW).

Poccusa Takke aBASETCS OAHUM M3 NMAEPOB NO 3anpocam Ha nepepacnpegenexue,
agpecoBaHHbIM rocygapcTtsy. B 4OCTYNHOM Ha MOMEHT HanMcaHus cTaTbi BbIGOPKeE
ISSP Hawa cTpaHa 3aH1Mana IMaMpytoLLyo NO3ULMIO MO 0e COrMlacHbIX (B TOM Yucne
abCoNoTHO) C TEM, YTO Pa3pbiBbl B 4OX04aX AONXKHbI OblTb COKPaLLEHbl YCUANSAMMU FOCy-
napctsa. 3710 ellle B 60/blien cTeneHn otanyaeT Poccuto oT apyrux cTpaH. Mpun atom
Mo YPOBHIO HEOBOMLCTBA TEM, KaK CNpaBfseTcs CerogHs rocyaapcTBo ¢ 3TUM BbI30-
BOM, CTpaHa TaKe OKa3blBaeTCs HaBepxy o6Lero crnucKka (CM. puc. 2).

BakHO, 4TO TaKkWe npegcraBaeHUs 0 JOXOAHOM HepaBEeHCTBE B POCCHMICKOM 06Lye-
CTBE OKa3blBalOTCs yHMBEPCaabHbIMU 4J151 BCEro HaCeeHUs U NPaKTUYECKN He And-
depeHUMpyIOTCS B 3aBMCMMOCTH OT YPOBHS JOXO[0B POCCHSH UJIN UX YE/I0BEYECKOIO

8 K coXaneHuto, Ha MOMEHT MOArOTOBKM CTaTbW AaHHble BOMHbI ISSP 3a 2019 r. GblnK AOCTYMHbI TOALKO MO NATHaALATH
cTpaHaM — K HUM Mbl U o6pallaemMcs B CBOEM aHanuse.
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Kanutana (cM. Tabn. 1). laxe Hanbonee 6naronosy4yHble — BbICOKOO6pa30BaHHbIe
W BbICOKOAOXOAHbIE poccHsHe — B NoAaBnsAioLLEM 60/bLIMHCTBE BOCMPUHUMAIOT 0X0A-
Hble HEPaBEHCTBA KaK U3/ULLHE BbICOKUE W HECTMPaBeaMBLIE, a KOHPINKT mexay 6ea-
HbIMW 1 60raTbiMK Kak Hanbosee ocTpbin. OHK, KaK U MeHee BNaronony4yHble XUTenu
CTpaHbl, CYHMTALOT, 4YTO 3Ty NPOGAEMY JOMKHO pellaTh rocyAapcTBO, KOTOPOE CEroaHs
C 3TUM He cnpaBnsietca. OTMeTUM, YTO 6o/ee BbICOKMIM YPOBEHb 06pa30BaHUs CBA3aH
nake ¢ 60s1ee OCTPbIM BOCMPUATUEM KOHPNNKTa 60raTtbix M 6eHbIX, 4TO MOAYEPKUBAET
npo6aemMy TerMTMMHOCTU I0XOAHbIX HEPABEHCTB B 06LIECTBEHHOM CO3HaHUM.

Puc. 2. BocnpusiTve LOXOAHbIX HEPABEHCTB U POSIK rocyaapcTBa
B WX COKpaLLleHWU B pasHbIX cTpaHax, ISSP, 2019 ., %
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EHepaBeHcTBa B JoX0Jax BemukH [ CokpamaTe JOXOJHBIE HepaBeHCTBa O 0cyZapcTBO OMeHb ILIOXO
(aGCOMOTHO COTTIACHBL) - 3a]]a4a TOCyJapCTBa (aGcOMOTHO COTTIACHBL)
(aGCOMHOTHO COTIACHEI) CIpaBnAeTcA ¢ 3Toll 3agadei

Tabnnuya 1. Bocnpuatne HepaBeHCTBa B rpynnax ¢ pa3/inYHbIM ypOBHEM
Yye/I0Be4YeCcKoro Kanurtanaa n goxogos, ISSP, 2019 r., % 9

YpoBeHb 06pa3oBaHUa
[loNsi COrNACHBIX C yTBEPHACHUAMN O6uwee CpepHee cneuu- Bropoe Bbiclee,
cpefgHee | anbHoOe, He3aKOoH- | Boiciee Hay4Has
WU HUXKE | YeHHOoe Bbicluee cTeneHb U np.
Pa3nuynsa B goxoaax B Poccuu cenvac 90,1 011 94,9 91,3
CNULWKOM BENIUKK
CywecTByloLLee pacnpeeneHve aoxo- 93,0 95,2 94,6 91,3
fnos B Poccuun HecnpaBeanneso
HenpusasHb Mexay 6eHbiMuU 1 6ora- 62.0 68.3 723 73.8
TbIMUW BENUKA

° BTabnuue He npeacTaBneHbl Te, KTO He fan oTeeTa. [lond HeOTBETUBLLIMX He NpeBblwaeT 5,7 % no noarpynnam.
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YpoBeHb 06pa3oBaHusa

[loNnSl COFNACcHBIX C YTBEPHAESHUAMM OGuwee CpepHee cneum- BTtopoe Bbicluee,
cpefHee |anbHoe, He3aKoH- | Boicluee Hay4Has
WM HWXKE | YeHHOoe Bbicluee cTeneHb U np.

locynapcTBO AOMKHO YMEHbLIATL pas-
NIMYMNS B AOXOAAX MEXIY TEMM, Y KOO 93,8 91,7 92,8 91,1
HU3KKE 1 Y KOTO BbICOKME 40X0AbI

focyaapcTBO He NPOABASET ycnexa

. 80,6 82,7 82,7 76,6
B COKpalLLEHUM Pasfininin B Joxoaax

[oxoaHas rpynna*°

1,25—
<0,75Me | 0,75—1,25 Me 2,00 Me >2,00 Me
Pasnunuyuma B goxodax B Poccum cenyac 88.6 94.4 94,0 88.8
CNULWKOM BEJIUKK
CylecTBytoLLee pacnpeeneHme aoxo- 95,2 95,3 94,3 91,4
nos B Poccun HecnpaBeannso
HenpusasHb mexay 6eaHbiMu 1 6ora- 62.8 69,6 71,7 69,9

TbIMU BEIMKaA

focyaapcTBO JOMKHO YMEHbLUATb pas-
NIM4YNS B AOXOAAX MEXIY TEMM, Y KOro 92,4 95,0 93,0 86,0
HU3KKE U Y KOTO BbICOKME [0X0AbI

focynapcTBO He NPOSIBASET ycnexa

. 80,6 84,2 83,3 79,2
B COKpaLLEHUM pasninyini B Joxoaax

CouunanbHag MOOUNBHOCTb KaK daKTop auddpepeHumaumm
OTHOLUEHMUA K JOXOA4HOMY HepaBeHCTBY

Pa6oTaeT nn B KadyecTBe anddepeHumnpyrowero dakropa BOCNpUATUS OXOAHOIO
HEpaBEHCTBA OMNbIT WK OXMAAHWUS coLManbHON MOBGWMIBHOCTU? ONMpasch Ha ONbIT
npeawecTBYOLLMX UCCNEeA0BaHWI, MPOAEMOHCTPUPOBABLUNX 3HAYMMOCTb CyObEKTUB-
HbIX NOKa3aTenien, Mbl 06pallaemcst K Cy6beKTUBHBIM MHAMKATOpam MO6UILHOCTH. NS
OLIEHKM MOBUNBLHOCTH Mbl ONMMPAEMCS Ha BOMPOC O CaMOOLIEHKE NMOMIOXKEHUS PECMOH-
[IEHTOB Ha coLMalbHOM IECTHULLE HA MOMEHT onpoca W 5 neT Ha3af, a TakKe Ha OLEHKY
oXnaaemoro nonoxeHusa yepes 10 net. Mbl UCNONIb3yeM YKPYMHEHHbIE MHTEPBAabI
necaTnéanibHoOM WKanbl (C 1 no 3 NO3MLUUI0 — «HU3KOE MOJSIoKeHUE», ¢ 4 No 6 No3u-
LM — «CepeanHHOE nonoxeHune», ¢ 7 no 10 no3uLnio — «BbICOKOE MonoXxeHue»). Takoe
0606L1eHNE CaMOOLIEHOK COOTBETCTBYET COBPEMEHHbIM MPAKTUKaM, MPUHATLIM B 3apy-
6exHon nutepartype [Lei, Tam, 2012]. NMog MOBGUNBLHOCTbLIO Mbl MOHUMaeM Mepexo,
M3 OHOr0 NOMIOXKEHMS B APYroe (MoJ BOCXOAsLEN MOBUIbHOCTbLIO Noapa3ymMmeBaeTcs
nepexoj U3 HU3KOro NOJIOKEHWS B cpedHee / BbICOKOE WK XKE U3 CPEAHEr0 — B BbICO-
KO€; Moj HUCXOASILLEN — Nepexo U3 BbICOKOIo MONOXEHUS B cpeaHee / HU3Koe Un
N3 CpeaHEero B HU3KOE).

Mbl TaKe UCNo/Ib3YeM MPOKCH A1 KPAaTKOCPOYHOW OXKMAaeMON MOBUILHOCTH, OMNU-
pasicb Ha BOMPOC O TOM, KaKOe MaTepuasibHOe NOJIOKEHUE OXKMAaeTCs B 6nKaniume
12 mecsues, noBTopssa noaxoa PaBanboHa v JIoKIWKWHA. HanpaBieHWa pasnnyHbIX
TUMOB MOBUABLHOCTH B MX CyOGbEKTUBHOM U3MEPEHMM NPeAcTaBieHbl B Tabnuue 2.

10 loxoAHble rpynnbl BblAENEHbl HA OCHOBaHUK COOTHOLEHWS €XXEMECSHYHOTO NoAYyLIEBOro A0X0Aa B JOMOX03AMCTBE C MeAu-
aHHbIM 3HavyeHneM (Me) ans faHHOro TMNa noceneHuns (KpynHole ropoaa / Menkue ropoda / cena).
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Ta6nuua 2. PacnpocTpaHeHHOCTb Pa3/InYHbIX HanpaBAeHUiH MOGHUIbHOCTH
B Poccum, ISSP, 2019 r., %

HanpaBneHus MOGUIbHOCTH
Tunbl MOGUILHOCTH
Hucxopswasn UMMOGHILHOCTD Bocxoasiwas
MOGUNbHOCTb MOGUNBHOCTb
MexreHepaumoHHas B 2019 24,8 64,6 10,0
(vs 2009)1* (vs 25,0) (vs 62,2) (vs 12,3)
daKTnyeckas 3a nocnegHue 5 net 21,8 69,6 7,9
Oxkmpgaemas B cnegyoume 12 meca- 51,6 36,1 7.7
LeB (KpaTKocpo4Has)
Oxkmpgaemas B cnegyowme 10 net 9.9 64,3 23,0
(ponrocpoyHas)
CnpaBo4YHO: caMOOL€HKa M0JI0XKeHUs1 B 06LyecTBe (pa3Mepbl K/1acTepoB)
MonoxxeHune MaTb net Ha3ap Ha MoMeHT onpoca Yepes
POAUTENIbCKOM (2014 r., p 10 nert
(2019r.)
ceMbU UHAMBMAA |40 Ha4Yana Kpu3uca) (2029r.)
Bbicokoe
(7—10 nosuuun) 18,1 15,8 8,5 24,5
Cepeantroe 59,0 61,4 60,0 431
(4—6 no3unumm)
Husioe 22,9 22,8 31,5 32,4
(1—3 nosunuumm)

BunaHo, 4To 1 B MEXXreHepaLnoHHOM, U BO BHYTPUreHepaLMoHHOM pa3pe3ax JOMU-
HUpyeT UMMOBHIbHOCTb. OKOMI0 ABYX TPETEN POCCUSH HE BUASAT KAYE€CTBEHHbIX U3MEHE-
HWIM CBOEr0 MOMOXKEHUS HU MO OTHOLWEHUIO K POAMTENBCKON CEMbE, HU MO CPaBHEHMUIO
CO CBOMM COBCTBEHHbIM MOMOKEHUEM NATUNETHEN 4aBHOCTU. Npn 3TOM cpean MoBUIb-
HOMO HaceneHuns HUExoasawas MobGUIbHOCTb JOMUHUPYET Ha BOCXOAsALWEN, U ee mac-
WTabbl JOCTATOYHO BEIMKU — OKOJI0 YETBEPTH HAceNeHNs OTMEYaloT YXYALLEHWE CBOErO
MONOMXEHUS MO CPABHEHUIO C POAUTENBCKON CEMbEN U KaXKAbIM NATbIN — N0 CPaBHEHMIO
CO CBOWM COBGCTBEHHbLIM MOMIOXKEHMEM MATb NET Hazaa. [oaTomy, oueHMBas MOGWb-
HOCTb, POCCUSIHE MOrYT Habo4aTh NpeobiagaHne HUCXOAALUMX UIHEHHbIX TPAEKTO-
pu¥i BOKPYI HMX 0 CpaBHEHMIO C BOCXOAALMMU. BarKHO TaKyKe OTMETUTb, YTO MaclwTabbl
MeXXreHepaLunuoHHOM MOBUNBHOCTU HE UBMEHUUCH MO cpaBHeHUO ¢ 2009 r.— poc-
CUSIHE He OTMeYaloT paclMpPeHns BO3MOXKHOCTEN A1 Ka4eCTBEHHOI0 U3MeHeHuUs
CBOErO0 NOJIOXKEHWUS NO CPaBHEHUIO C MPEAbIAYLLUM NMOKOSIEHUEM.

B oTHOLWeEHNN 0XXMaaemon MOBUIBLHOCTM CUTyaLMs, Ha NepBbii B3rNa, BbIraauT
napagokcanbHo. C 04HON CTOPOHbI, MPpeobaagaloT OXKUAAHUSA YXYALWEHUS COBCTBEH-
HOro MaTepuanbHOrO MNOMOXKEHUS B cneaytowmne 12 MecsueB (Tak cHMTaeT NonoBmnHa
poccusiH) 2, C apyroi CTOPOHbI, OXMAAHUA UBMEHEHWUI B CPEIHECPOYHOM NepPCrneKTnBe

11 Tabnuue NpeacTaBneHbl OLEHKU MEXTeHepaLmroHHOM MOGHIbHOCTH, O4HaKO fjaee Mbl CO3HaTeIbHO 06paLLaeMcs TONbKO
K BHYTPUreHepaLroHHON MOGHUABbHOCTU ANsi CPaBHEHUst 3OMEKTOB e pas3nnyHbIX TUMOB.

12 a3HblenccnefoBaTeNbCKUE LEHTPbI JAl0T HECKO/IbKO pasnnyalolmecs OLEeHKU KPaTKOCPOUHbIX OXMAAHWA POCCHUSH,
HO rpynna «necCUMMUCTOB» BCErja oCTaeTCcAA0CTaTOYHO 3HAYUTENBHOM MO YUCNEHHOCTH. Tak, No AaHHbIM PHUCL, PAH
2020 1., K KOTOPbIM Mbl O6paLlaemMcs HUXe, YXYALEeHUS CBOEro MaTepuanbHOro NONOXKEHUA B GNMKaNLLNIA rog oxvaana
TpeTb HaceneHus (32,8 %). B uenom, HeratvBHble OxxuaaHus Hacenexnus eue B 2019 r. 6bi1m BNoaHe 06bSCHUMbI C yHETOM
3aTSKHOro NageHus peanbHblX 4OX040B Hacenewusa B 2014—2017 v ux ctarHauuv B 2018 1.
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[OCTaTO4HO NO3UTUBHBI. MNpaKTUYECKK ABE TPETU POCCUSH CUYUTALOT, YTo Yepes 10 net
OyayT XWUTb He XyXKe, YEM CEroAHS, a KaxKabl YHeTBEPTbIN CHUTAET, YTO €ro NosIoKEHNEe
B 06LLeCTBE Jaxe NOBbICUTCS.

Taknum 06pa3oM, HECMOTPS Ha MPOLLJIbIN OMbIT U IECCUMUCTUYECKYIO OLIEHKY 6/1M-
JKanLumx nepcrneKTmB, POCCUSIHE CKIOHHbLI BEPUTb B JIydLUIEE, HO TOJIbKO B OTAA/I€HHOM
6yayem. Mbl pacLueHUBaeM OLEHKY BnnKanLlen NepcrnekTnBbl Kak 6onee peanncTny-
Hyl0, TaK KaK AaHHble CBUAETENbCTBYIOT, YTO GOMbLIMHCTBO POCCUSH HE MAaHupyeT
CBOIO }W3Hb [laXke B cpedHecpoYHon nepcrnexktuee. Cyasa no gaHHbIM ISSP, nuwb 5%
HaceneHna MMeeT XOTb Kakue-To nnaHbl Ha 5—210 neT, He roBops yKe o 6onee auTenb-
HbIX CpoKax. MoI0BMHa e HaceneHns CYUTAET, YTO NIaHMPOBATb CBOIO U3Hb AaXKe
Ha 1—2 roga Bnepes B NPUHLMNE HEBO3MOXHO. [103TOMY Takue OLEeHKM NepPCnexkTUB
MOOGMNBHOCTU MOXHO CYUTaTb CKOpee NPosiBEHUEM 06LLEro ONTUMU3Ma U «BEpPOW
B CBET/I0€ ByayLiee», HeXXenn peanncTMyHbIMU OLLEHKaMM CBOMX ByayLLMX TPAEKTOPUMN.

O6paTnmcs K AaHHbIM O TOM, Kak anddepeHumnpyeTcs BOCNpUATUE JOXOLHOIO
HepaBEeHCTBa M 3anpoc Ha nepepacnpegeneHne B 3aBUCMMOCTU OT GpaKTUHECKON
U OXuaemMomn counanbHOn MOBUIbHOCTU (CM. Tabn. 3). JaHHble CBUAETENbCTBYIOT,
YTO 3aMEeTHOE BANSHWE B 9TOM OTHOLUEHMMW UMEIOT TONbKO KPAaTKOCPOUHbLIE OXKMAAHMS
OTHOCMUTENbHO U3MEHEHWS CBOErO NOMIOXKEHNS B OGnMKanwmm roa. Cpean poCCUsiH,
OXMAAOLMX MO3UTUBHBIX UBMEHEHWUI, HUXKE AONMN OLLEHMBAIOLWNX HEPABEHCTBO 40XO0-
[10B KaK U3/1LLHE BbICOKOE U HecnpaBeLIMBOE (XOTS AaXKe CPean HMUX NoAAEPHKKa 3THX
no3uuunm He onyckaetcs HUKe 80 %), a TaKKe BOCMPUHUMAIOLLMX KOHPIUKT 6€eAHbIX
M 6oraTbIX KaK OCTPbIM 1 NpeabsaBASOWMX 3anpoc rocyaapcTBy Ha COKpalleHue Hepa-
BeHCTBa. HECKONbKO HMXKE CPean HUX M YPOBEHb HEAOBOIbCTBA B OTHOLLEHMM TOMO, KaK
rocyAapcTBO OTBEYaET Ha BbI30B A0X0AHOI0 HepaBeHcTBa. OTMETUM, OAHAKO, YTO JaXKe
3TW, Hanbonee 3amMeTHble Pa3MYNa MeXAy rpynnamMu ¢ pasHbiIMU HanpaBAEHUSIMHU
MOOGWIBHOCTU, HE 03HaYaloT GOPMUPOBAHUSA CPEAMN OXKMAAOWMX ANa cebs KpaTKo-
CPOYHbIX YNyYLlLEHWUN Ka4eCTBEHHO MHOM MOAEeNM BOCMPUATUS 4OXOAHOMO HEPaABEHCTBA
Nno CpaBHEHWIO C OCTa/lbHbIM HaceneHnem: nogasnsouee 60MbWNHCTBO NpeacTa-
BUTENEN 3TON rPynnbl CHUTAET HEPABEHCTBO LOXO40B BbICOKMM M HecrnpaBeaIMBbiM
W NpegbaBAseT BbipaxeHHbIM 3anpoc Ha ero cokpalleHue. Oxxnaaemas MOGUIbHOCTb
B CpeHeCcpPOYHON NepcrneKkTUBE, KaK NOKa3blBaloT NpMBeaeHHble B Tabnuue 3 AaHHble,
anoddepeHUMpyeT MHEHUS B OTHOLLEHMM OXOAHOIO HepaBeHCTBa cnabee, a pasnmims
B pa3pese GpaKTU4ecKon MOBUIbHOCTM OKa3blBaOTCS MUHUMaNbHbIMMU.

Mony4yeHHbIN BbIBOA O TOM, YTO KPaTKOCPOUHbIe OXuaaHusa auddepeHuUnpyoT
BOCNPUSATUE HEPABEHCTBA M 3aMNpoC Ha ero CoKpalleH1e cubHee, NOATBEPKAaeTCs
W aHanM30M Mepbl CBSA3aHHOCTU. OXKMAaHKA «Ha ByayLiee» AEMOHCTPUPYIOT 3HA4YMUMYIO,
HO MNP 3TOM OYeHb cnabyto CBS3b C BOCMPUATUEM AOXOAHOIO HEPaBEHCTBA, B TO BpeMs
KaK paKTnyeckass MOGUIbHOCTb BOOGLLE HE CBA3aHa C HUM.

[ns oueHKn adpdeKTOB MOBUIBHOCTU UMEET CMbIC/ TaKXXe PacCMOTPETb UX OTAENbHO
B pa3HbIX I0X0AHbIX rpynnax. Tak, B padote W. Tota (Toéth, 2008) Ha BEHrepcKmx AaHHbIX
Obl/10 NOKa3aHo, YTO B pa3HbIX JOXOAHbIX Fpynnax ypoBeHb 3anpoca Ha nepepacnpe-
AeneHve oxungaemo otimnyancs (6osee BbICOKUM YpOBEHb 4OX04a CHUXKAN €ro UHTEH-
CMBHOCTb), OA4HAKO B paMKax OAHMX M TeX e AOXOAHbIX FPYnm ero yaie npeabsaBasiu
Te, KTO UCNbITan HUCXOASLLYIO MOBUIbHOCTb, @ TaK}Ke Te, KTO He OXuaan ynyyweHumn
B 6yayuiem. MNMpoBepnm, NOBTOPSIETCA I TaKasa KapTuHa n ana Poccuun (cMm. puc. 3).
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Ta6nmua 3. [jonss pOCCHUSIH, COrNAacCHbIX C CY>KAEHUSAMU OTHOCHTE/IbHO [JOXOAHbIX HEPaBEHCTB

M ponm rocyaapcTBa B MX COKpalyeHmm, ISSP, 2019 r., %

(¢poHOM BblgeneHbl CTaTUCTUYECKHU 3HAYUMble CBSI3U Ha OCHOBE Kputepunsa X?)

DOI: 10.14515/monitoring.2022.1.1982

daKTU4ecKkasa MoOGUb- Oxkugaemast MOGUNbLHOCTb Oxkupaemasi MOGMIbHOCTb
HocTb 2014—2019 B cnepylowem rogy B cneaytowme 10 net
Hucxopswasa (Bocxogsawasa| Hucxopswasa |Bocxopaswasa| Hucxopgswas | Bocxopsawas
Paznunung B go-
X0Aax CIULIKOM 92,7 89,5 94,2 79,2 95,0 89,0
BEJIMKU
Pacnpegenexuve
[10X040B 93,7 89,4 98,3 80,7 96,9 92,1
HecnpaBsennMso
OcCTpbIf KOH-
JINKT MEX,
¢ Ay 72,3 68,9 72,5 58,3 77,6 64,9
6eaHbIMKU
n 6oratbiMu
[ocynapctso
AOJIXKHO COKpa-
WwaTb pa3pbiB 94,0 92,9 96,4 80,6 95,6 88,9
Mexay 6eaHbl-
MU 1 6oratbiMu
[ocyaapctBO
He cnpaBng-
eTCcs C COoKpa- 82,8 75,2 86,6 71,0 83,0 75,0
weHnem
HepaBeHCTBa
Puc. 3. OTHOWEHNE K HepaBEHCTBY B Pa3NMYHbIX JOXOAHbIX Fpynnax
B 3aBWCMMOCTM OT OMbITa U OXMAAHUIN MOBUABbHOCTH, ISSP, 2019 1., %
CormacHe ¢ TeM, YTO HEPABEHCTBA B J10X0/1aX CIHINKOM BETHKH
100
95
90
85
80
75
70
65
<0,75 0,75-1,25 1,25-2,00 >=2.00
— O — MoGHIBHOCTE — O — MoGHIBHOCTE
B 2014-2019 IT. (HHCXOIAIMAL) B 2014-2019 IT. (BOCXOZAIMAA)
—O— Oxunaemas MOGHIEHOCTE —O— OxunaeMas MOOHIBHOCTE
B GmmkaiimHe 12 MecsreB (HHCXOISIIas) B GmmkaiimHe 12 MecseB (BOCXOIAIIAN)
--=C--- OsxuaaemMas MOOHIEHOCTE -==0--- OsxHaaeMas MOOHIBHOCTE
B 2019-2029 1T. (HHCXOIAIAA) B 2019-2029 1T. (BoCcXOIAMmas)
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BunaHo, 4TO BblpaKeHHbIE Pasnnyms B BOCNIPUATUM MyOUHbI HEpaBEHCTBa AOX040B
B paMKax OTAe/bHbIX AOXOAHbIX FPYMM ¢ yY4ETOM MOBUIBHOCTH B COBpEeMEHHON Poccuun
TaKXe OTCYTCTBYIOT — HU B OHOM AOXOAHOM rpynne rnpu nobon auHamuke daktmye-
CKOM 1 OXXnaaemon MOBGWMNbHOCTU AONS CHMUTAIOLWMX HEPABEHCTBA 4OX040B M3NULLHE
BbICOKMMM He onycKaeTcs HUKe 70 %. Hanbonblnim addekT B guddepeHumaLnmm atoro
OTHOLLEHUS B pamMKax OTAENbHbIX AOXOAHbIX FPYMN TaKKe MMEET OXKuaaemas KpaTKo-
CpOYHas MOBUIBbHOCTb: NO3UTUBHbIE OXKMAAHMA CBA3aHbl C 60/ee HU3KOW pacnpo-
CTPaHEHHOCTbLIO OLEHOK OXOAHOr0 HepaBEeHCTBA KaK U3/ULLHE BbICOKOr0. ddeKThbI
paKTM4eCKOoN MOBUIBHOCTH U OXMAaeMON MOBUIBHOCTM B 6onee AnuTeNnbHOM nep-
CMEKTMBE BblpaxeHbl BO BCEX JOXOAHbIX Frpynnax 3aMeTHO cnabee, a B HEKOTOPbIX UX
addeKT BOOOGLLE OTCYTCTBYET.

Bbiwe, roBopsi 06 OTHOLWEHUM K JOXOAHOMY HEPABEHCTBY M €ro COKpaLLEHHUIO, Mbl
paccMaTpuBauy TeX POCCUSIH, KTO pa3fenseT COOTBETCTBYIOLWME NO3ULIMM HE3AaBUCUMO
OT CTEMEHN YBEPEHHOCTU B HUX (TO €CTb 06bEeAMHAS TEX, KTO aBCONOTHO corfaceH
C TEMWU WU UHBIMU YTBEPKOEHUSMMU, U TEX, KTO CKOpee cornaceH ¢ HUMu). MHbiMK
CNnoBamu, Mbl paccMmatpuBanu aguddepeHUnpYIoLLY0 PoSib PpasHblX TUMOB MOBU/b-
HOCTK B OTHOLIEHMN GOPMUPOBAHMA Ka4E€CTBEHHO OT/IMYHbLIX MEXAY COO0M Mogenen
npeacTaBAeHMI O JOXOAHOM HEPaBEHCTBE U BbISBUIM KlO4EeBOE 3HaYeHNe KpaTKo-
CPOYHbIX OXKMAAHWI, O4eHb cnaboe BANSHUE CPELHECPOUHbIX OXXUAAHUA MOBUILHOCTH
M OTCYTCTBME BUAHUSA GAKTUYECKM COBEPLUEHHbIX MEPEMELLEHUN.

OpHaKo Heo6X0ANMMO OTMETUTb, YTO pa3Hble HanpaBAeHUs OXuaaemMon Mo6Ub-
HOCTU (NPUYEM KaK B BnMKaKWlen, Tak U B CPeHECPOYHOM NEPCNEKTUBE) U faxe
paKTU4EeCKON MOBUIbHOCTH BUSAIOT Ha CTENEHb YOEXAEHHOCTU B CBOEW MO3ULMHK
Nno TEM MM MHBIM acneKTam LOXOAHOro HepaBeHcTBa. Kaxabli U3 Tpex TUMOB HUC-
xoasuwen Mo6UbHOCTU NoBbIWaeT abCoNOTHYIO YBEPEHHOCTb B U3NULLIHEN Ny6UHE
W HecnpaBeanMBOCTU HEPaBEHCTB (Mpy 60/1ee HU3KOM JoNE TeX, KTO C 3TUM COrflaceH,
HO HE 3aHMMaeT KpanHUX MO3ULLKI) MO CPaBHEHUIO C BOCXOAsLWEN MOBUNBHOCTbIO.
Takue ke 0CO6EHHOCTU MOXKHO YBUAETb U B OTHOLUIEHUWN NPeACTaBNEHMI HaceneHus
0 POJIM rOCYAapPCTBa: HUCXOASLLAA MOBUIBHOCTb MNOBbLIWAET A0/110 aBCONIOTHO YOEKAeH-
HbIX B OTBETCTBEHHOCTH, NEXaLLEN Ha rocy4apcTBe B OTHOLEHMU COKPaLLEHUS pa3pbiBa
B JOX0AaX, U MPY 3TOM MOMHOCTbIO YBEPEHHbIX B 6€3yCMNeLwHOCTH ero AENCTBUIN B 3TOM
OTHOLEHUK. Bocxoasuwas MOOGUABHOCTb HECKOBKO CraXKUBaEeT 3TU NpeAcTaBieHus
3a CcYeT nepepacnpeneneHns MHEHUM OT KpanHKX K yMePEHHbIM, TO €CTb OT abContoT-
HOMO corflacus NPOCTO K cornacuio. Takon MexaHn3aM CHUKEHUS «HaKasla» MOXHO Ha-
6ntogaTb Ans BCEX TPEX TUMOB paccMaTpuBaeMon Hamu MOBUAbHOCTH. KaK 1 B cnyyae
C BOCMpPUSATUEM JOXOAHOI0O HEPaBEHCTBA B Lie/IoM, Hanbonee 3aMeTHO NPosiBASET cebs
oXnaaemast MOGUNbLHOCTb B GnxKanllee BpeMs, IODEKT OXMAaeMOon 40NTOCPOYHON
MOOGUNIBHOCTN OKa3blBaEeTCH HUXE, U B HAMMEHbLUEW CTENEHU HabloAaeTcs BAUSHUE
daKTM4ecKom MOBMNBLHOCTU, XOTS U OHa BCE e onpeaensieT 60/bLUyio UM MEHbLUYIO
«MONIAPHOCTb» BblParKaeMblX MHEHWH.

Taknm 06pasoM, OrbIT MPOLLION MOBUILHOCTU HE OKa3bIBAET B/IUSHNUSA Ha obLyme
npeacTaBAeHUs HaceaeHUs 0 JOXOAHbIX HepaBeHCcTBax. BansHue 6yayuien goaro-
CPOYHON MOBUILHOCTHM Caboe, M TOJIbKO KPaTKOCPOYHbIE OXKUAGHNS AEMOHCTPUPYIOT
AndpepeHUMpYIoLLYIO POJb B 3TOM OTHOLLEHMM, XOTA JaXKe OHU He MPUBOAST K pOpMUPO-
BaHMI0 UHbIX MOZAENEHN BOCAPUATUSA JOXOAHOIr0 HepaBeHCTBa — HaceeHne Conn[apHoO
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B CBOMX OLIeHKax y6uHbI M HECrpaBea/IMBOCTU JOXOAHbIX HEPaBEHCTB 1 HEOOX0AUMO-
CTU UX COKpaLLEeHNS rocy4apcTBOM, C YEM OHO, COITIacHO OBLYEeCTBEHHbLIM NMpejcTaBie-
HUAM, cerogHs He cripasiseTcs. [1pn 3Tom Bce BUAbl MOOW/IbHOCTU B/IMSAIOT Ha CTEMNEHL
BbIPaXX€HHOCTH COOTBETCTBYIOLEIO0 MHEHUS — HUCXO0AALasa MOOUIbHOCTL MOBbILaET
Y6eXAeHHOCTb M KATErOPUYHOCTb BblpaxaeMblX MO3ULIMH, B TO BPEMS KaK BOCX04ALLas,
HaobopoT, CcriaXmBaeT ux. 34ecb HanboIbLLYIO POJIb TAKIKE UIPaloT KPaTKOCPOYHbIEe
OXnaaHus.

Bocnpusatne HeMoOHeTapHbIX HEPaBEeHCTB U coluaZibHaA MOGUIbHOCTb

Mpo6nema HepaBEHCTBA HE OrPaHNYMBAETCA PA3/IMYUSMMN B YPOBHE 10X010B, M pac-
CMOTPEHME TONIbKO MOHETAPHOIo acneKTa He AaeT NOHMMaHUs obLLEeN, ropa3ao 6osee
C/IOXHOW KapTuHbl. B gaHHOM pa3gene Mbl NpeanpuMeM NepBble Wark B aHanuse
BOCMNPUATUSA CUCTEMbI HEMOHETAPHbLIX HEPABEHCTB HaceneHnem u GaKkTopoB 3TOro
BOCMPUATUS, B TOM YUCE U COLMaNbHON MOBUILHOCTY.

[JaHHble npoBeaeHHoro B 2020 r. o6uiepoccuinckoro o6cnegosanHma PHUCLL PAH
NOATBEPMHKAAIOT, YTO OCTPOE BOCMPUSATUE COLMAIbLHOI0O HeEPaBEeHCTBa POCCUIHAMM
He orpaHnymnBaeTcs npobemMor HeEpaBEHCTBA J0X0A0B, XOTS OHO W aKTyaln3MpoBaHoO
B HAaMBO/bLLEN CTENEHN — O TOM, YTO OHO BNSIETCA Hanbonee 601e3HEHHbLIM IMYHO NS
HUWX, COOBLWNAN BE TPETM ONPOLLEHHBIX (67,2 %). [lanee cnegoBano BaxHoe B YCIOBUSIX
naHAeMWM HEPABEHCTBO B I0CTYMNE K MEANLIMHCKOM MOMOLLW, HEFaTUBHbIE NOCNEACTBUS
KOTOpOro, Nno caMooLieHKaM, ucnoltelBanun 46,2 % HaceneHus. Ha TpetbeM mecte —
HepaBEHCTBO Ha pbliHKE Tpyaa, OT KOTOPOro cTpadasu, Mo Ux 3aBepeHnsm, 6onee TpeTH
pecnoHaeHToB (35,6 %). OcTanbHble TUMNblI HEAEHEKHbIX HEPABEHCTB Habpanu MeHee
TPETH roNI0COB, HO M OHUW MPOSBAANN ce6a AOCTAaTOYHO OCTPO: TaK, YyTb MEHEE TPETH
HaceneHns oTMETUNM KaK Hanbosnee 601e3HEHHOE ansl ce6a HEPABEHCTBO HUMULLHbIX
YyCIOBUW, OKONO YETBEPTU — HEPABEHCTBO *XU3HEHHbIX LWWAHCOB Ans AeTen n3 pas-
HbIX CNOEB 06LWECTBA, KaXKabli NATbIA ONPOLEHHbIM — HEPaAaBEHCTBO B o61agaHnu
CO6CTBEHHOCTBIO U HEPABEHCTBO B AOCTYMNe K 06pa30BaHuUIo, a TakKe HEPaBEHCTBO
B BO3MOXHOCTSIX OTAbIXxa U NPOBeAeHMA Aocyra. Takum o6pa3om, Npobrema HepaBeH-
CTBa He MOXET 6bITb CBEIEHA K Pa3/IMYNAM B YPOBHE J0XO40B.

MHCTpYMEHTapUin MCrnob3yeMOro MccneaoBaHnsa NO3BOAUA onepaLMoHann3u-
poBaTb KPaTKOCPOYHYIO OXMAAEMYIO MOBUILHOCTb YEePe3 OXUAAHNSA B MUBMEHEHWH
CBOEro MaTep1anbHOro nosioXeHus B Gnuxkanwme 12 mecsiue 3. B KayecTBe NpoKeH
ans GaKTMYEeCKOM KPaTKOCPOYHON MOBUIBLHOCTM Mbl UCMONb30BaIM CAMOOLIEHKY TOrO,
yaanochb i1 PecnoHAeHTaM 3a NocneaH1e TpU roja noBbICUTb YPOBEHb CBOEr0 MaTe-
puanbHOro NoNoXKeHus 4,

13 NMonyyeHHble B 3TOM OTHOLLEHUMU AaHHble, KaK ye 0TMEeYasnoch Bbllle, HECKONbKO OT/IMYaNNCh OT AaHHbIX ISSP. Tak, yxya-
LUIEHWS CBOEro MaTepuasnbHOr0 NOMOXKEHNS Oxuaana TpeTb Hacenenus (32,8 %), ynydwenunsa — 24,4 %, a OTCyTCTBUA U3MEHE-
HUM—42,8 % (TO eCTb OLLEHKM OKa3anuch 60n1ee ONTUMUCTUHHBIMU, OAHAKO M3MEHEHWE YUCTIEHHOCTM FPYNM HE BAUSIET Ha XO4
aHann3a oLeHKU MOGMIbHOCTH KaK haKTopa BOCMPUATUS HepaBeHCTBaA). OTMETUM TaKKe BbICOKYIO OO 3aTPYAHWBLLMXCA
C OTBETOM: NMOYTU KaXAblH NATbIA NOCNE NEPBOI BOAHbI KOPOHAKPHU3KUCa HE CMOT iaTb OTBET OTHOCUTENIbHO CBOUX OXKMUAAHWI
[axke Ha 6nunxKanLLKMi rod, YTo CBMAETENbCTBYET 06 O4EHb BbICOKOM CTEMNEHU HeonpeaeneHHOCTH B obLLecTBe.

14 TakoBbIx B 2020 1., cOrnacHo aaHHbIM 06¢cneaoBaHusi, okaszanoch 16,8 %. OTMETUM, YTO OHO U3 OrpaHUYeHUH Hawero
aHanu3a CoCTOMUT B TOM, YTO B JaHHOM Cly4yae noKasaTenn MO6UIbHOCTU CMELLEHbI B CTOPOHY MaTtepuanbHOro NONOXKEHUS,
a He MHTerpanbHOM No3uLmMK B obLLecTBe.
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M3 T1abn. 4 BUOHO, 4YTO oxKMaaeMas MOGUIbHOCTb CBAI3aHa C OL|EHKOM TOIr0, HACKOJIbKO
60/1€3HEHHbI T€ UJIM MHbIE HEMOHETaPHbIE HEPABEHCTBA AJ151 PECNOHAEHTA. Te, KTO
OXWOALOT YXyALLIEHUS CBOETO MOSIOXKEHUS B 6/IMMKaNLLNKI rofl, Yallle OCTabHbIX OTMEYaltoT,
YTO CTpajaloT OT HEpPABEHCTBA B AOCTYNE K MeAULIMHE U PbIHKY Tpyaa, HepaBeHCTBaA
HWUULIHBIX YCIIOBMI U HEPaBEHCTBA BO3MOXHOCTEN B MEXKIeHepaLMOHHOM Nepcnek-
TMBe. B TO e Bpemsa Te, KTO OXMAatoT YNyylleHUs CBOErO NMOSIOKEHNS B CNEAYIOLLIEM
rogy, 3Ha4MMO peXe 0TMeYaloT BCE 3TU HEPABEHCTBA KaK BAUSAIOLLME HA WX JINYHYIO
MWU3HEHHYIO cuTyaumto. B uenom, nuiib 3,0 % pecnoHAeHTOB M3 Fpynnbl C OXuKaae-
MOW HMUCXOAsLEN MOBUNIBHOCTbIO B KPAaTKOCPOYHOM MEPCNEKTUBE FOBOPST O TOM, YTO
He CTpadaloT HU OT KaKMX HEPaBEHCTB, B TO BPEMS KaK B rpyrnne ¢ OXXMaaeMon BOC-
X0As1len MOBGUIbHOCTBLIO TAKOBLIX B MATb pa3 6onblue.

Tabnuua 4. Jonss IMYHO CTPajaroLmnX oT pa3HbiX TUNOB HepaBeHcTB, ®HUCL PAH, 2020 ., %*°
(¢poHOM BblgeneHbl CTaTUCTUYECKHU 3HAYUMblEe CBSI3U Ha OCHOBE Kputepus X3?)

Oxxupaemas MOGH/ILHOCTb dakTuyeckan | CnpaBo4HO:
Tunbl HepaBeHCTBa Bocxoaswas BCe
Hucxopsawasn Bocxopsuwas MOGUNBHOCTb | HaceJsieHne
HepaBeHCTBO A0X0A0B 78,6 53,3 59,2 67,2
HepaBeHcTBO 1% pocrtyne 57.6 32,8 42,6 46,2
K MEAMLMHCKOM NOMOLLM
HepaBeHcTBO B gocTtyne 44,3 29,2 331 38,1
K XOpoWwnm paboynm MecTtam
HepaBeHcTBO } 40,0 26,3 32,4 32,3
UNULLHbBIX YCNIOBUIA
HepaBeHCTBO B BO3MOMXHOCTSIX
Ons AeTen U3 pasHbix cnoes 30,4 22,2 26,5 25,9
obuiectea
HeT 60ne3HEHHbIX 41 HUX 3.0 15,9 16,4 9.6
HEpaBEHCTB

Y10 KacaeTcs daKTU4eCcKoM BoCcxoasluen MOBUIbHOCTH 3a NocneaHue Tpu roaa, 1o ee
B/IMSIHWE 3aMETHO TONIbKO B OTHOLIEHUW HEPABEHCTBA AOX010B — T€, KOMY YAaNnocCh
YAY4LKTb CBOE MaTepUanbHOE NOIOKEHME, peXe 0TMEYaloT ero Kak 601e3HeHHoe ans
cebs (M 3Ta B3aMMOCBS3b CTaTUCTUHYECKM 3HaYnMMa). OaHaAKOo NCMNbITaHHOE yyylleHne
CBOEro MaTepmasbHOro NOMIOXKEHUSA HE CHUMKAET HEraTMBHbIX MOCNEACTBUI OT Kito4e-
BbIX HE[lEHEXKHbIX HEPABEHCTB, XapaKTEPUIYIOLLIMX MOBCEAHEBHYIO XNU3Hb. 3TO TULIHUA
pas3 NoATBEPXKAAET, HTO OTBEThI HA BbI30B HEPABEHCTBA JIEXKAT HE TONIbKO B MIOCKOCTH
[10X0A0B U TPEBYIOT KOMMIEKCHOr0 Noaxoaa.

MNoavyepKHeM, 0AHaKO, YTO ONMMUCaHHbIE BbllLE Pe3ynbTaTbhl OTHOCATCS HE K HOPMaTHB-
HOMY BOCMNPUSATUIO HEPABEHCTB, a K OLIEHKE COBCTBEHHOTIO MOSIOKEHNS B MHOTOMEPHOM
coLuanbHOM NpocTpaHcTBe. B3anmMocBa3b 0XkMaaemMon MoOGUIbHOCTH M OLEHKK 60/1e3-
HEHHOCTU HEMOHETaPHbIX HEPABEHCTB «a15 cebs» (a He aAna obwecTsa B LeoM) 06b-

15 B Tabnuue npeactaBneHbl OTBETbI MO NATU Haubonee oCTPbIM, NO OLEHKaM HaceneHus, HepaBeHcTBaM. OLeHKa HepaBeH-
CTBa B JOCTyne K pa6o4nm mectam npeactaBneHa TonbKo Ans paboTatoLmx.
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SICHAETCS TEM, HTO NO3UTUBHbIE OXXMAAHUS OTHOCUTENIbHO AMHAMMWKK CBOEO NOIOXKEHUS
B 60/blUEN CTEMNEHM XapaKTEPHbI 415 TeX, KTO U3HaYalbHO HaxoAMNTCS B 0O bEKTUBHO
60nee NpuMBUIErnpoBaHHbIX MO3ULMSAX B 00LLEN CUCTEME HepaBeHCTB. OTMETUM, KCTa-
T, YTO B 3TWX YCIOBUAX BO3MOXKHOCTb N/1I@aHMPOBaTb M KOHTPOMPOBAaTb CBOIO U3Hb
M 4OBMBATbCS Ka4yeCTBEHHbIX YNyyllEeHUM B HEW caMa Mo ce6e CTaHOBUTCA HOBbLIM
M3MepeHMEM HEMOHETAPHOIO HepaBEeHCTBA, TPEBYIOWUM BHUMATENbHOIO N3YYEeHUS.

OfaHaKo Kto4YeBor GOKYC Halllen cTaTb — 3TO BOCMNPUSATHUE HEPABEHCTB B 06LLECTBE
B Lenom. B cBaA3KM ¢ 3T1M 41 Hac 04eHb BaXKHbl HOPMaTUBHbIE NPeACTaBAEHUA POCCUSH
0 MpUHLMNax cnpaBeaInBoro obwecTsa, CBA3aHHbIX C TEMWU MW UHBIMW HEPABEH-
cTBaMu. KaK BMAHO M3 Tabn. 5, B NpeAcTaBneHusax HaceneHus Hambonee BarKHbIM
KpuTepuem cripaBeiIMBOCTH (B CUITY BbICOKOW aKTyanM3nMpoBaHHOCTM 3TOM NPOoGaeMbl,
0COBEHHO B YCIOBUSIX, CIIOKMUBLUMXCA NOA BAUSHUEM NaHAEMUK) BbICTyNaeT OTCYyTCTBUE
HepaBeHCTBa B JOCTYNe K MeauULIMHCKOMY OBCNYyKMBaHUIO — 06 9TOM roBopsaT 62,5 %
HaceneHus. Ha BTOpoM MecTe Haxo4uTCs paBEHCTBO BCEX Nepes 3aKOHOM: 3TOT MPUH-
LN KaK K1o4eBOW 419 cnpaBeaMBoro obuecTsa oTMeYaeT Nof0BMHa PECNOHAEHTOB.
BAM3KOo K 3TOMy NoKasaTento HaxoAUTCS U MPUHLKM, CBA3aHHbIN C OTCYTCTBMEM HEpa-
BEHCTBa Ha pbIHKE Tpy4a — paBHbIM AOCTYN 415 BCEX K XOpOoWwnM paboynum mectam
(ero BbibmpatoT 48,1 % poccusH). locTaTo4HO BaXKHbI 419 cnpaBea/inBoro obLLecTsa,
B NpeACTaB/IEHUSAX POCCUSH, M TaKME MPUHLMIbI, KaK paBHbI 4OCTYN 415 BCEX K 06pa-
30BaHuto (41,2 %), BOBMOMKHOCTU peLLIEHUS XUnLLHOro Bonpoca (36,5 %).

Ba)KHO, 4TO MeHee TPeTU POCCUSAH CYUTAET 006a3aTeNibHbIM 3IEMEHTOM CrpaBej-
JIMBOrO 06LLecTBa HEGObLUNE Pa3NYnNs B JOXOAAX, HTO TOBOPUT O JOCTATOYHO BbICOKOM
TO/IEPAHTHOCTU POCCHUSH K JOXOAHbIM HepaBeHCTBaM KaK TaKOBbIM, €C/IM OHMN BO3-
HUKaIOT B YC/I0BUSIX paBHbIX BO3MOMXHOCTEH — PAaBHOIo AOCTYNa K MeAULIMHE, PbIHKY
Tpyaa v o6pasoBaHuio. 06 3TOM XKe rOBOPUT U OTCYTCTBME Ha BEPXHUX MO3ULMSAX PeEW-
TUHIa NPUHLMNOB CNpaBeaIMBOCTU NPOrPECCUBHON LWKaNbl HANOro060KEHUSA KaK
MexaHM3Ma nepepacnpegeneHma — ee oTMevaeT TOIbKO YeTBEPTb PECNOHAEHTOB.
HaKoHeL, N1llb KaXabli 4eCATbIM TOBOPUT O TOM, YTO CNpaBeannBoe o6LWecTBO — 3T0
06LLecTBO, B KOTOPOM Mano 6oratbix.

Takum 06pa3oM, peyb 4as HaceneHus MaeT He 06 OTCYTCTBUMU B CripaBeaIMBOM
obLecTBe JoxoaHoN guddepeHumnaummn, a 0 MUHUMU3aL MK B HEM HeEpPaBEHCTBa BO3-
MOXHOCTEN. Ba)KHO NOAYEPKHYTb, YTO K/IKOYEBLIMU 4151 CripaBeAanBoro obLjecrsa
B rpeAcTaBAeHUSIX HaceeHUs OKa3bIBaloTCS NPUHLMMbLI, CBA3aHHble C HEMOHETap-
HbIMM, & He AEHEXKHbIMU acreKTamMu HepaBeHCTBa.

B COBOKYMHOCTM C TEMU OCOBEHHOCTAMW BOCNPUATUS AOXOAHOMO HEpPaBEHCTBaA,
0 KOTOPbIX Mbl FOBOPUAIY BbilLe, 3TO CBMAETENLCTBYET O TOM, YTO C/TIOXMUBLLASACS B POC-
CUICKOM 06LLEeCTBE CUTyaLMs He OTBEYaET HOPMATMBHbLIM NPUHLMNAM CripaBeaMBOCTH
B NpeAcTaBieHUsIX HaceneHus n He obecrneynBaeT Tpebyemoe paBEHCTBO BO3MOX-
HOCTEWN, 4YTO, B CBOIO 04Yepeab, aKTyanuaupyet npobaemMy JOXOAHOr0 HepaBEHCTBa
N €ro NerMTUMHOCTMU.

Pa6ortaet in colmasibHasi MOBU/IbHOCTb Kak aKTop AndoepeHunaymm HopmaTmBe-
HbIX NpeACTaBAeHMIH HaceleHNss 0 HEMOHETapHbIX HepaBeHCTBax? [laHHble MoKa3bi-
BaloT, YTO 1 B 3TOM OTHOLLEHUM €€ POJib OKa3bIBaEeTCs JOCTAaTOYHO OrpaHnyeHa (Tabn. b).
PEeNTUHT NPMHLMNOB cnpaBeanMBOro 06LWeCTBa OKa3biBAETCS CXOXK AN OXMUAAIOLLMX
ans cebs Kak HUCXOAALWYI0, TaK U BOCXOAALLYIO MOBUNBLHOCTb (MOXHO OBGHaPYXUTb
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JIMWb HEKOTOPbIE MEPECTAHOBKM), U BO3M1aBSeT ero Heo6XoANMMOCTb MUHUMHU3aL MUK
HEMOHETaPHbIX HEPABEHCTB, CBA3aHHbIX C MEAULMHOM U 3aKOHOM.

Tabnuya 5. MpUHUKMNbI cpaBeA/InBOro o6LecTsa B NpejCcTaB/I€HUSIX Hace/leHUs,
®HUCL| PAH, 2020 r., % (ynopsiB04€HO Mo HacesIeHNIo B LLe/I0OM; JKMPHbIM LUPUPTOM
Bbifie/IeHbl MPUHLHIbI, CBSI3aHHbIE C JOXOA4HbIM HEPaBEeHCTBOM; POHOM BbifENEHbI

CTaTUCTUYECKU 3HAYUMble CBSI3U Ha OCHOBE Kputepusa X?)

Oxupaemas MOGUNLHOCTL | ayryyeckasn | CrpaBoyHo:

MpuHUMNBI Bocxoaswas Bce
MOGUIBLHOCTb | HaceJieHne

Hucxopsuwana | Bocxoaawas

Bce nmeloT paBHbIM JOCTyN

61,4 61,4 61,0 62,5
K MEULMHCKOMY 06CNyKMBaHUIO
PaBeHCTBO BCcex nepej 3aKOHOM 49,3 52,8 52,4 50,8
Bce MeloT paBHbIi AOCTYN K XOPOLINM 45,4 44,7 50,6 48,1
paboynMm mectam
Bce vmeloT paBHble BO3MOXHOCTH 36,6 48,0 44,3 41,2

NoJly4uTh XKenaemoe o6pas3oBaHmne
B o6wecTBe Mano 6egHbIX 34,1 40,9 32,7 39,2

Bce MeloT peanbHyto BO3MOXKHOCTb

= 34,9 32,6 42,9 36,5
PELNTb UIULLHBIA BONPOC
Pasnnuusa B poxoaax mexay 40.2 32.3 28.9 326
NOAbMU HEBEIUKH z y ’ y
Pasnn4nsa B ypOBHE U3HU MEXKIY 304 303 259 283

NtoAbMU HEBENTNKHU

BoraTtble Bbi1a4ynMBaloT B BUae
Hanora 606bLUyI0 4010 CBOErO 31,3 22,0 25,6 25,4
Aoxopaa, Yem 6efHble

PaBHasi onnata 3a paBHylo

26,1 19,9 22,3 23,6
KBanuduKaumio n obpasoBaHue
Pa3nunyns mexay *u13Hbio B ropoae 103 21,0 16.4 20,3
1 cene HeBeSIMKK
B o6wecTBe Mano 6orarbix 11,3 12,1 11,0 10,4

MOKHO OTMETUTb ONpeaesneHHbIE Pa3NnyYna MeXay TUMU FPyNnamu, XoTs OHU HOCAT
KONMYeCTBEHHbIN, @ HE Ka4eCTBEHHbIV xapaKTep. TaK, 419 OXMUAAIoLWMX HUCXOASLLYIO
MOOGUNIBHOCTb B KPATKOCPOYHOM NepcrneKkTUBeE B 60/blUEN CTENEHN aKTyann3npoBaHbl
BOMPOCHI JOXOAHOMO HEPaABEHCTBA (4TO HEYAMBUTENLHO C YHETOM pe3ynbLTaTtos, nNpea-
CTaBNEHHbIX BbllE) — MPMUYEM B pasdHbix €ro acnektax. loBops o cnpaBesinBom obLe-
CTBE, OHM 3HA4YMMO Yalle YNOMWHAOT HEBLICOKMIM YPOBEHb 4OXOAHOIMO HEPABEHCTBA,
a TaKKe nepepacnpegeneHune ot 6oratbix K 6€4HbIM C UCMOIb30BAHNEM UHCTPYMEHTOB
HaNoroBOM MNOAUTUKM KaK cripaBeanmBbIi CNOCO6 ero CoKpalLeHus.

Cpeaum Tex, KTo AeKnapupyeT OXKuaaH1a BocxoasLen MoOGUIbHOCTHU, 3HA4YMMO BblLle
[0Ns yaensitowmnx BHUMaHe paBeHCTBY B 4OCTyNe K 06pa30BaHMIo KaK coluanbHOMY
nnoTy, obecnevymBaloleMy paBeHCTBO BO3MOXKHOCTEN. MHTEPECHO, YTO HU3KUK YPO-
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BeHb 6€IHOCTM TaKXKe Yalle Ha3blBaloT B Ka4eCcTBe 3/1eMeHTa cnpaBeanBoro oéuie-
CTBa MMEHHO OHW. JTO elle pa3 NogYEPKMUBAET, HYTO, FOBOPSI O HEpaBEeHCTBaXx B 06lije-
CTBE B L|€JIOM, POCCUSTHE MCXOAST HE TOJIbKO M HE CTO/IbKO M3 CeLMPUKIN CBOEH JTMHHOM
CUTYaLIMM, CKOJIbKO M3 HOPMAaTUBHbIX MPEACTaBAEHUI O CripaBeaIMBOM 06LLECTBEHHOM
YCTPOMCTBE M €ro COOTBETCTBUSI HABAOAAEMbIM PEATUSIM.

BnusiHue paktnyeckomn Mo6UNLHOCTU OKa3anocb HEOAHO3HAauYHbIM. Te, KTO UcnbITan
ynyyllEHME CBOETO NOJSIOKEHMS 3a NOCNeaHWE TPU roaa, B psae cily4aeB OKas3blBaloTCs
naxe 6onee TpeboBaTeNbHbl K COKpaLLEeHMI0 HEMOHETaPHbIX HEPABEHCTB (Hanpumep,
B AOCTYyrNe K 06pa30BaHuI0, 3aHATOCTH, HW/blO), HO MeHee TpeboBaTE/bHbI K €r0 MOHe-
TapHbIM acnektam. OgHaKO 3TU Pa3nnyng HeJoCTaTO4HO BEIMKK (M B GONbLLMHCTBE
CBOEM CTaTUCTUYECKM HE3HAYNMBbI), HTOObI FOBOPUTL O APYroM HOpMaTUBHOW MoAEeN
3TOWM rpynnbl B OTHOWEHUN CUCTEMbI HEPABEHCTB — MO 06LIEMY PEUTUHTY HEOBXOAN-
MOCTHM OTCYTCTBMS TEX UM MHbIX HEPABEHCTB N5 IOCTUKEHMUA COLIManbHOM cnpasen-
JINBOCTH B 06LLECTBE OHM NPAKTUYECKM HE OT/IMYalOTCH OT HACENEHMUS B LIESIOM.

06GcyxXaeHue pe3ynbraTtoB

KadvecTBeHHblE COLMaNbHO-9KOHOMUYECKME N3MEHEHUs B Poccunn B nocnegHue
[ecATUNEeTNS He COKPaTUAM MacluTabbl HepaBeHCTBa 4OX0A0B, UBMEPEHHOIO KO3ddHu-
LuMeHToM [IXKMHKM, HO XapaKTep AOXOAHOMO HepaBEHCTBA BCE XKe TpaHchopmupoBancs.
M3meHunrcb Macwrtabbl 6€4HOCTM U pa3Mep CPeaHEero Knacca, ypoBeHb U KayecTBO
WU3HW HaceneHus, NpU4em MNpPoLLIO HECKONbKO BOMH TakMx U3MeHeHnn. OgHaKo
CYGbEKTMBHOE BOCMPUATME AOXOAHOrO HEPABEHCTBA OCTAETCS NOYTU TaKUM Ke, KaK
B 1990-x rogax — cuTyalnun, oTparkalowen coBCeEM APYron atan pas3BUTUS CTPaHbI.
BONbLMHCTBO POCCUAH M CEroaHs NMPOAOKAIOT cYMTaTh HEPABEHCTBA AOXOA0B U3-
JIMWHE BbICOKMMU U HECcnpaBeanMBbIMK, a NPOTUBOPEYnNs mexay 6oratbiMu 1 6ea-
HbIMW BOCMPUHMMAIOT Kak Hanbosee oCTpble. 3anpoc Ha nepepacnpeaeneHme TakKe
npeabsBaseTcs 60bLUMHCTBOM NPEACTaBUTENEN BCEX COLMabHbIX rpynmn. 3TOT 3anpoc
aapecoBaH rocyaapcTBy, KOTOPOe CEerogHs, no oLleHKaM POCCUsH, He cnpaBaseTcs
C BbI30BOM HepaBeHCTBa.

Ha doHe apyrunx ctpaH Poccma 3aHMMaEeT nuanpytowne no3nLmMm B OLLEHKE LOX04-
HOro HEpaBEHCTBA B CTPaHE KaK BbICOKOro, U 0COBEHHO — MO CTEMEHU YOEKLEHHOCTH
B 3TOM HaceneHus. B 0THOWEHMM 3anpoca K rocyaapcTBy Ha COKpalleHne JOX0AHOro
HepaBeHCTBa M YBEPEHHOCTU B €ro HE3OPEKTUBHOCTN B 3TOM OTHOLLEHUU IMAMPYIOLLNE
NO3M1LIMM HaLlen CTpaHbl MPOCMAaTPMBAIOTCS AarKe eLle apye.

Takue npeactaBNeHns 0 HepaBEHCTBE 4OXO40B M 3anpoc Ha nepepacnpeaeneHme
OKa3blBaloTCH YHUBEPCaANbHbIMK A5 BCero HaceneHus. 3GdeKkT MobUNbHOCTU Npo-
SIBNSETCs 4OCTAaTOMHO OrPaHWYeHHO — eAMHCTBEHHOE 3aPpUKCUPOBaAHHOE pasnyne
MeXay rpynnamMu CoOCTOMT B TOM, HTO OXKMAAIOLWME YyYLIEHUS CBOEro MaTepmnanbHOro
MoNIOXKEHUA B BivKanlee BpeMs PecrnoHAeHTbl YyTb MEHee OCTPO BOCMPUHUMAIOT
[10XOA4HOE HEepPaBEHCTBO U MEHEE KaTeropMyHoO apTUKY/IMPYIOT 3anpoc Ha nepepac-
npegenexHve. H1 onbiT NpowWwaon MOGUABHOCTU, HU OXKUAAHUSA NBMEHEHUI B cpeaHe-
CPOYHOM Mepuoje He OKa3blBalOT CONOCTaBMMOro auddepeHuUnpyowero BAUSHUSA
Ha BOCMpUATME JOXOLHOIO HEpaBEHCTBa.

Mpun aTOM BCE BMAbI BOCXOAALWEN MOOUALHOCTU CrIaXKMBaKOT KPaMHOCTb NO3ULMK
B OTHOLUEHMWM OLIEHKM HEPABEHCTB KaK BbICOKMX, HECMpaBeaAInBbIX, TPEBYIOLLMX COKpa-
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LLlEeHMS CO CTOPOHbI FOCYy1apcTBa, a BCe BUAbl HUCXOASLLEN MOBUIbHOCTU — NOBbLIWAOT
a6COoNIOTHYIO Y6EXAEHHOCTb B 3TOM; HAaM60/bLWNK 3DDEKT U B 3TOM OTHOLLIEHUN UMEET
KpaTKoCpoYHasa oxungaemas MobunbHOCTb. OAHAKO 3TM M3MEHEHUS B COOTHOLLEHNHU
[oNen KpanHUX U yMEPEHHbIX CTOPOHHUKOB TEX UKW UHbIX MO3ULIMIN HE BAMSAIOT Ha 06-
LM KOHCEHCYC HaceneHus.

OXraaemas KpaTKoCcpoYHas MOBUIbHOCTL KOPPENUPYET C OLIEHKON 6OE3HEHHOCTH
BOCMPUSATUSA HEMOHETAPHbIX HEPABEHCTB AJ19 CaMMX PECMOHAEHTOB. ATO 06 bACHAETCA
TEM, YTO NOJSIOKMUTENbHANA colManbHas AMHaMUKa CBOMCTBEHHA POCCUSAHAM, KOTOPbIE
yXKe 3aHuMaloT 6onee 61aronosly4Hoe NOMOXKEHUE B COLMANbHOM NMPOCTPaHCTBE.
OaHaKo HopMaTUBHbIE NPEACTaBAEHNUS O TOM, MUHUMMU3ALMA KaKUX HEMOHETaPHbIX
HepaBEHCTB HeobXxoaMMa ANs JOCTUHKEHMS coLunanbHOM CcnpaBeaIMBOCTH, OKa3blBa-
OTCA HE CUMNbHO ANdPdEPEHLIMPOBAHbI B rpymnnax ¢ pa3HbiM HanpaBliEHUEM OXKMAAEMON
UMW yXKe COBEPLLIEHHOM KPaTKOCPOYHOM MOBMIbHOCTH. TO NO3BOAIAET cAenaTh BbIBOA
0 TOM, YTO BOCNPUATUE HEMOHETAPHbIX HEPABEHCTB, KaK WU A0XOHOI0 HEPABEHCTBA,
dopMupyeTca npexae BCEro UCX0Aa U3 HOPMATUBHbIX NPEACTABNEHUN O «A0SIKHOM»
yCTponcTBE 06lecTBa U ero COOTBETCTBMN/HECOOTBETCTBUMN HAbBNIOAAEMbIM pea-
NINGM, @ He MHAUBWUAYaNbHOW CUTyaLMn, B TOM YUCIE U OXKMAAEMON MOBUIBLHOCTY.
CoxpaHsitolmncs oTpbiB Haubosiee ob6ecnedyeHHbIx rpynn oT OCTalbHOMO HaceneHus,
OTCYTCTBME 30Hbl CTabUIbHOIO M YCTOMYMBOro 61aronony4ymns u cokpalleHne Bo3-
MOHOCTEN pOCTa B pa3Hbix chepax NPUBOAAT K TOMY, YTO AaXKe ONbIT UK OXKMAAHUS
MOOGUILHOCTU HE MEHSIOT 06LLMX NpeacTaB/IEHNI O HENPUEMIEMOCTM NOAOBGHOM CUTYa-
LMK, MOCKONbKY UBMEHEHWE COBCTBEHHOIO MOJIOKEHMWS U MONOKEHUS OKPYKAIOLINX
He MeHSIeT 06LLYI0 KOHPUTYpPaLMIO CNOXMUBLLENCSH CUCTEMbI MOHETAPHOIO U HEMOHE-
TapHbIX HepaBeHCTB. K coxaneHuto, 310 elle B 60/blLUEN CTENEHU YCNIOKHAET 3aaady
OTBETa Ha Bbl30B HEpPaBEHCTBA A4J1 rocyAapcTBa, MOCKONbKY OH He TONbKO TpebyeT
0693aTeNbHOr0 y4eTa HEMOHETaAPHbIX aCNeEKTOB, HO U HE MOXET 6bITb pelleH NoBbl-
LUIEHWEM YPOBHS 1OXOA0B TEX MM UHbIX FPyMmn.
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AHHoOTauums. B cTaTbe Uccneayetcs, Kak
KOHbeccHoHanbHas NpUHaANEXHOCTb
W YPOBEHb MHAMBWUAYaNLHOW PEIrnos-
HOCTM eBPONeNLIER CBA3aHbI C MX OTHOLLE-
HUEM K UMMWUTPaHTaM, MpeacTaBAAoLWLMM
pasfinyHble pennMrnoaHbie rpynbl. Ha oc-
HOBaHWW TEOPWM COLIMANBHOM MAEHTUYHO-
CTV M TEOPUM PESTUTMO3HOIO COCTPaAaHNS
BblABUraeTcs pa runotes OTHOCUTESNTbHO
CBA3M YKasaHHbIX GaKToOPOB U ToNepaHT-
HOCTM K NpHe3XuM. Teopus coLimanbHOM
MOEHTUYHOCTM YTBEPHAAET, YTO MHAMBUIbI
CKJIOHHbI BUIETb B «CBOEM» IPyMnne 1UcToy-
HWK NMO3WUTUBHON CaMOMAEHTUDUKALIMK
¥ NOTOMY BOCMPUHMUMAIOT «AHAKOBOCTb»
(HanpumMep, NPUHAANEKHOCTb K MHOM
penuruosHoi rpynne; B ciydae EBponbl —
K MYCY/IbMaHCKOMY COOBLLECTBY) KaK CUM-
BOJIMYECKYI0 yrpo3y. CornacHo Teopuu
PENMrMo3HOro CocTpaaHus, Pennuruos-
Hble UHAUBWAbLI CUbHEE MPUBEPIKEHDI
TAKUM LIEHHOCTAM, KaK cocTpajaHue
1 3a60Ta O TeX, KTO UCMbITbIBAET TPYA-
HOCTHM, W MO3TOMY B GOJblUEN CTENEHU
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Abstract. This paper examines links
between individual religiosity (defined
both as denomination and subjective
religiosity) and attitudes toward immi-
grants of various religious backgrounds
among Europeans. These links are being
analyzed through the lenses of social
identity theory and religious compassion
theory. Social identity theory claims that
individuals tend to find a source of pos-
itive self-identification in their in-group.
Therefore, they perceive the “otherness”
(for instance, membership in a religious
out-group, e.g., Muslims in European
countries) as a symbolic threat to their
identity. According to the religious com-
passion theory, the more religious indi-
viduals are, the more they are committed
to such values as compassion and care
for those facing hardships, which makes
them more sympathetic to such a vulner-
able group as immigrants. At the same
time, the level of such solidarity is direct-
ly related to the perceived “closeness” of
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CKJIOHHbI COYYBCTBOBaTb MMMUIPaHTaM
KaK ysi3BMMoW cTpate. [p1 3ToM ypoBeHb
CONMAAPHOCTU NPSAMO CBA3aH C TeM, Ha-
CKOMNbKO «B/IU3KOMN» C PENUTMO3HOM TOYKM
3peHnss BOCMPUHMMAETC KOHKpeTHas
rpynna npuesHux.

Ha matepuanax ceibMon BOJIHbI EBpO-
NeMCKOro coLmnanbHOro uccnegoBaHums
(ESS) no aBaguatu ctpaHam (c6op aaH-
HbiXx npoBoaunnca B 2014—2015 rr.,
B pa3rap MUrpaunoHHOro Kpuauca B EB-
pOCoto3e) CTPOSTCS ABE MHOTOYPOBHEBbIE
perpecc1MoHHbIe MOAENM (B KayecTse nep-
BOr0 YPOBHS aHanv3a BbICTynatoT PecroH-
[EHTbl, B KA4eCTBE BTOPOro — CTpaHbl),
B KOTOPbIX 3aBUCUMbIMU NEPEMEHHbIMU
ABNAOTCA HENPUATUE MMMWUIPAHTOB-
MyCY/ibMaH W BaXHOCTb HalU4usa y UM-
MUIPaHTOB XPUCTUAHCKOro 63aKrpayHaa.
Pe3ynbTaTbl aHann3a noKkasbiBaloT, 4TO
XpUCTUAHE (M KaTONMKM, 1 MPOTECTaHTbI)
1 6osiee PeNUrno3Hble Moan B 6onbLIEN
CTeNeHW CKIOHHbI OTAaBaTb Npeanoyrte-
HWE UMMUIPaHTaM U3 NPEUMYLLECTBEH-
HO XPUCTMAHCKMX CTPaH NO CPaBHEHMIO
C He NpUHagNeXalWwmnMm HU K OQHOM KOH-
deccun M HePENUrMo3HbIMU PECTOH-
feHtamu. Tpn 3TOM OTHOLWIEHUE K UM-
MUrpaHTam-mMycylbMaHam He CBA3aHOo
HW C KOHbEeCCMOHaNbHON MPUHaANEeX-
HOCTbIO, HX C YPOBHEM UHAMBUAYAbHON
pPeNUrno3HocTu. Taknm o6pasom, B €BPO-
NEeNCKOM KOHTEKCTE M TEOPUS PENNTUO3-
HOro cocTpagaHus, ¥ TeopuUs CoLManbHOM
MOAEHTUYHOCTM MOATBEPIKAAIOTCA NULLb
oT4acTy.

KnioueBble cnoBa: UMMUIpaLms, aHTK-
UMMWIPAHTCKME HACTPOEHUS, PENUTNO3-
HOCTb, TEOPUS COLMANbHON UAEHTUYHO-
CTW, TEOPUS PENUTMO3HOIO COCTPaLAHUS,
EBponencKkuni cotos, EBponenckoe coum-
anbHoOe uccnegoBaHMe, MHOroypoBHe-
Bbl PErPECCUOHHbIN aHan13
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a particular immigrant group in terms of
its religion. Using the data from the 7th
wave of the European Social Survey (ESS)
on 20 European countries (fieldwork was
conducted in 2014-2015, coinciding
with the onset of the European migrant
crisis), two multilevel regression models
are fitted, with the hostility to Muslim im-
migrants and the importance of Christian
background of immigrants as dependent
variables. The results show that Chris-
tians (both Catholics and Protestants)
and more religious people tend to pre-
fer immigrants of Christian background,
compared to the individuals who do not
belong to any denomination and non-re-
ligious individuals respectively. However,
the attitude towards Muslim immigrants
is related neither to denomination nor to
individual religiosity. It means that in the
European context, both the religious so-
cial identity theory and the religious com-
passion theory are only partly supported.

Keywords: immigration, anti-immigrant
attitudes, religiosity, social identity theory,
religious compassion theory, European
Union, European Social Survey, multilev-
el regression modeling
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BBepeHue

Mpo6nema nMmUrpaLum 3aHMMaeT ocoboe MEeCTO B €BPONENCKON NONUTUYECKOMN
nosecTke. MUrpaLmMoHHbIN Kpmu3uc nocneaHmx net [Holmes, Castaneda, 2016], ne6athbl
06 MMMUIpaLMOHHON NONUTUKE KaK npobneme eBponenckon 6esonacHocTu [Bove,
Bohmelt, 2016], pocT NonyaspHOCTU NapTUK U MOJUTUKOB, BbICTYNaloOWMX C aHTHU-
UMMWIPAHTCKMX No3uumnint [Greven, 2016; Muis, Immerzeel, 2017; Rooduijn, 2015],
CBA3b MEXAY BOCMPUATUEM MMMUIPaLMK U OTHOLLEHNEM eBponenLeB K EBpocotosy
[Hobolt, 2016; Kentmen-Cin, Erisen, 2017]— Bce 3TO HEU3BEKHO CTaBUT Nepes
uccnegoBaTensiMmn BoNpoc O MpUYMHax, No KOTOPbIM CPeAn eBPONENLIEB BO3HUKAIOT
aHTUMMMMUIPAHTCKNE HAacTPOeHUs. B agaHHOM cTaTbe B Ka4eCTBEe O4HOM U3 3TUX MPUYUH
paccMmaTtpuBaeTcs PeMrMo3HOCTb.

XoTs penurnosHas npobaemMatuka yxe A4aBHO 3aHWMaeT BaXKHOE MeCTO B Hayy-
HOM NnuTepaType No BONpocy MMMUrpaunun B EBpone, yalle Bcero oHa o6eyjaercs
B KOHTEKCTE UCNaMCKOW PeIMrMo3HOCTU MMMUIPaHTOB U TOFO KOMIM/IEKCA SBNEHUN,
KoTopblr C. XaHTUHITOH Ha3Bas «CTOJIKHOBEHUEM LMBUIN3ALMK» [XaHTUHITOH, 1994].
Kyaa MeHbLue nccneaoBaHuim NOCBSLLEHbI BOMPOCY 0 TOM, KaK PENUIMO3HOCTb JKUTENEH
MPMHUMAIOLWMX CTPaH BAUSET Ha MX OTHOWEHWE K UMMUIpaHTaM. MNpu 3TOM, HECMO-
TPS Ha WMPOKO pacnpocTpaHeHHoe (B TOM YMCAE Cpeaun nccnegoBatenen uMMnUrpa-
LK) NpeacTaBieHMe O CBETCKOM XapaKTepe COBPEMEHHbIX €BPOMNENCKMX 0OLECTB
[Casanova, 2007; Foner, Alba, 2008], XpUCTUAHCTBO MO-NPEXKHEMY COXPaHSAET BaxHOEe
MECTO B KM3HM eBponenLeB. HacTb eBPONENCKUX FOCYAapPCTB NPU3HAET TE UK UHbIE
XPUCTUAHCKME KOHdeCCHM rocygapcTBeHHbIMU (0bULManbHbIMK), NPEAOCTaBASET UM
6logKeTHoe GUHaHCMpoBaHUe, 06bABASET XPUCTUAHCKME NPA3AHUKKM BbIXOAHLIMU
OHAMW, OTBEepras npu 3TOM aHanorMyHble NPUTA3aHUsa CO CTOPOHbI PEANTUIA UMMMU-
rpaHToB, B NepByto odvepedb ncnama [Alba, Foner, 2014]. UccnepoBaHus TakKe yKa-
3blBalOT Ha CBA3b MEX/Y PENUIMO3HOCTLIO €BPONENLIEB M UX B3NS AaMM MO BONpOCcaM,
OTHOCSILLMMCS K Npo6ieMaTuKe MMMUIpaLIMmK, TaKUMK KaK NOALEPIKKa KpalHe npaBbIX
naptu [Immerzeel, Jaspers, Lubbers, 2013; Lucassen, Lubbers, 2012] 1 oTHOWEHKE
K EBpocoto3dy [Nelsen, Guth, Fraser, 2001; Van der Brug, Hobolt, De Vreese, 2009].
HaKoHel, B HEKOTOPLIX EBPOMNENCKMX O6LLECTBAX CyLLECTBYET GEHOMEH «dTHUYECKON
pennrum», NOHNMaEMON He KaK Bepa B CBEPXbECTECTBEHHOE, 06PSAHOCTb U T. A., a KaK
3THOKY/IbTYPHbIA MapKep, NPU3BaHHbINA OTAENATb «CBOMX» OT «4yxux» [Hervieu-Léger,
2000; Storm, 2011]. B coOBOKYNHOCTHU 3TK paKTopbl, ONOCPEAOBaAHHO CBA3bIBatoLLINE
PENUTMO3HOCTb U @aHTUMMMUIPAHTCKUE HACTPOEHUS, YKa3blBaloT Ha BarKHOCTb U3y4e-
HUS CBA3K MEXAY PENUTMO3HOCTbIO €BPOMNENLEB U UX OTHOLLEHWEM K UMMKUIPaHTaM.

B HacTosiLen cTaTbe aHanuM3npyeTcs 06yCn0BAEHHOCTb aHTUMMMMUIPAHTCKUX Ha-
cTpoeHun B EBpone aByma paKTopaMu, 4acTo n3y4yaemMbiMU B KOHTEKCTE BAUAHUSA
PENUrMO3HOCTH Ha NOIMTUYECKNE BIMNSAAbI: KOHDECCMOHANBbHON NPUHAANEKHOCTbIO
W YPOBHEM MHAWBUAYANbHOW PENUTMO3HOCTU. [1n15 3TOro UCNonb3ylTca MmaTepua-
Nbl ceabMoK BOSIHbI EBponencKoro coumanbHoro nccnegosanusa (European Social
Survey— ESS) no 20 rocygapcteam EBporibl U NPOABUHYTLIM 